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The sub-dimensions of metacognition and their
influence on modeling competency
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Mathematical modeling is indeed a versatile skill that goes beyond solving real-world pro-
blems. Numerous studies show that many students struggle with the intricacies of mathe-
matical modeling and find it a challenging and complex task. One important factor related to
mathematical modeling is metacognition which can significantly impact expert and student
success in a modeling task. However, a notable gap of research has been identified speci-
fically in relation to the influence of metacognition in mathematical modeling. The study’s
main goal was to assess whether the different sub-dimensions of metacognition can predict
the sub-constructs of a student’s modeling competence: horizontal and vertical mathema-
tization. The study used a correlational research design and involved 538 participants who
were university students studying mathematics education in Riau Province, Indonesia. We
employed structural equation modeling (SEM) using AMOS version 18.0 to evaluate the
proposed model. The measurement model used to assess metacognition and modeling ability
showed a satisfactory fit to the data. The study found that the direct influence of awareness
on horizontal mathematization was insignificant. However, the use of cognitive strategies,
planning, and self-checking had a significant positive effect on horizontal mathematization.
Concerning vertical mathematization, the direct effect of cognitive strategy, planning, and
awareness was insignificant, but self-checking was positively related to this type of mathe-
matization. The results suggest that metacognition, i.e., awareness and control over a per-
son's thinking processes, plays an important role in modeling proficiency. The research
implies valuable insights into metacognitive processes in mathematical modeling, which
could inform teaching approaches and strategies for improving mathematical modeling.
Further studies can build on these findings to deepen our understanding of how cognitive
strategies, planning, self-assessment, and awareness influence mathematical modeling in
both horizontal and vertical contexts.
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Introduction

hanging curriculum content and instructional styles in

teaching and learning processes for regular mathematics

classes is critical to promote more meaningful engagement
with mathematics (Schoenfeld, 2016). A shift to searching for
solutions, exploring patterns, and formulating conjectures rather
than simply memorizing procedures and formulas or completing
exercises can lead to deeper understanding and more versatile
problem-solving skills. Incorporating mathematical modeling
into classroom activities by engaging students in authentic
problem-solving within complex systems and interdisciplinary
contexts can help develop the competencies to tackle increasingly
complex problems. Mathematical modeling can strengthen
problem-solving skills and connect mathematics to real-world
situations, making it relevant to students’ current and future lives
(Hidayat and Wardat, 2023). The importance of mathematical
modeling is further underscored by its inclusion as a primary
component in the mathematics assessment of the Program for
International Student Assessment (PISA) (Niss, 2015). Students
can tackle non-routine real-life challenges by engaging in mod-
eling activities and working collaboratively on realistic and
authentic mathematical tasks. However, traditional instructional
methods for assessing student modeling proficiency are inade-
quate. This information underscores the need for improved
methods of evaluation that capture the full range of students’
modeling abilities and the development of their problem-solving
skills. Educators should consider incorporating alternative
assessment methods such as project-based assessments, perfor-
mance tasks, or reflective journals to better assess student mod-
eling skills. In addition, professional development opportunities
for teachers to learn effective strategies for integrating mathe-
matical modeling into their instruction can contribute to more
successful implementation and assessment of these skills.

Mathematical modeling is a multifaceted skill beyond solving
real-world problems (Mohd Saad et al., 2023; Niss et al., 2007). As
Minarni and Napitupulu (2020) point out, students can apply
modeling abilities to describe context problems mathematically,
organize tools, discover relationships, transfer between real-world
and mathematical problems, and visualize problems in various
ways. In modeling real-world problems, students activate other
competencies, such as representing mathematical objects,
arguing, and justifying (National Council of Teachers of
Mathematics, 1989). Engaging in mathematical modeling in the
classroom helps students clarify and interpret phenomena, solve
problems, and develop social competencies necessary for effective
teamwork and collaborative knowledge building. Mathematical
modeling instruction aims to improve students’ mathematical
knowledge, promote critical and creative thinking, and foster
positive attitudes toward mathematics (Blum, 2002). Cognitive
modeling combined with task orientation is more effective in
increasing the likelihood of success. In high school curricula,
students can connect mathematical modeling to different courses,
reinforcing the importance of this skill in different contexts
(Herndndez et al., 2016). Integrating mathematical modeling into
different subject areas can help students develop a comprehensive
understanding of the relevance and applicability of mathematics
in real-world situations, ultimately leading to better problem-
solving abilities and an appreciation for the power of mathema-
tical thinking.

Numerous studies have shown that mathematical modeling is
challenging for many students (Anhalt et al., 2018; Corum and
Garofalo, 2019; Czocher, 2017; Kannadass et al., 2023). Meta-
cognitive competencies improve students’ modeling abilities
(Galbraith, 2017; Vorholter, 2019; Wendt et al., 2020). Meta-
cognition, the ability to reflect on and regulate one’s thinking, can
significantly impact expert and student success in problem-
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solving (Schoenfeld, 1983, 2007). Productive metacognitive
behaviors can help students better understand the given problem,
search for and distinguish relevant and irrelevant information,
and focus on the overall structure of the problem (Kramarski
et al,, 2002). These behaviors can lead to improved understanding
and problem-solving abilities. Although the benefits of meta-
cognition to learning are widely recognized, there is limited
research on the specific types of metacognitive strategies that are
most effective in helping students (Wilson and Clarke, 2004).
Future research should focus on identifying these strategies and
understanding how they can best be used in educational settings
to improve students’ mathematical modeling and problem-
solving abilities. This research could include exploring the most
effective methods for teaching metacognitive skills, examining
how metacognition can be tailored to individual student needs,
and examining the impact of metacognitive interventions on
student modeling performance. Thus, this study aimed to inves-
tigate how the sub-dimensions of metacognition can predict
modeling performance. The study questions are as follows: (a) Do
the sub-constructs of metacognition (awareness, cognitive strat-
egy, planning, and self-checking) predict horizontal mathemati-
zation? (b) Do the sub-constructs of metacognition (awareness,
cognitive strategy, planning, and self-checking) predict vertical
mathematization?

Theoretical perspective

Models and modeling perspective (MMP). The term ‘model’ is a
collection of elements, connections between elements, and actions
that describe or explain how the elements interact (English, 2007;
Lesh and Doerr, 2003). Modeling exercises allow students to
reveal their multiple forms of reasoning, create conceptual fra-
meworks, and develop effective ways to represent the structural
features of the topic (Carreira and Baioa, 2018). Models and
Modeling Perspective (MMP), also known as contextual model-
ing (Kaiser and Sriraman, 2006), is considered a method to
understand real-life situations and develop formal mathematical
knowledge based on students” understanding (Csap6 and Funke,
2017; Lesh and Doerr, 2003). Students must move from a real-
world situation to a mathematical world using their previously
learned mathematical concepts as a modeling tool that goes
beyond calculational prescriptions (Sevinc, 2022) and learning
theories (Abassian et al., 2019). Moreover, MMP considers the
mathematical model as a conceptual tool of a mathematical sys-
tem that emerges from a specific real-world situation (Lesh and
Lehrer, 2003). In brief, MMP is a new concept that incorporates
real-world context into the teaching and learning of mathematical
problem-solving because MMP prepares students to be mentally
active in modeling. An important feature of MMP is the recog-
nition that problem-solving typically involves numerous model-
ing cycles in which descriptions, explanations, and predictions are
continuously refined. In contrast, solutions are modified or dis-
carded depending on their interpretation of the world.

Students will use their internal conceptual systems to organize,
understand, and make connections between events, experiences,
or issues (Erbas et al., 2014) to adapt to MMP. Student learning
through the use of MMP will also facilitate communication
between peers and teachers through project-based learning or
problem-based learning (Arlebick, 2017) as they practice solving
authentic problem situations by engaging in mathematical
thinking that involves interpreting situations, describing and
explaining, computing through procedures, and deductive
reasoning (English et al., 2008). MMP summarizes a cycle of
activities that, in the first step, requires students to understand the
real-world situation, followed by structuring the situation model,
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mathematizing to develop a mathematical model, and collaborat-
ing mathematical models to develop results that are considered
and validated within the real-world situation, and finally
presenting a solution to a real-world situation.

Mathematical modeling and mathematization. Modeling is also
known as organizing representative descriptions in which sym-
bolic representations and formal model structures develop
(Hidayat et al., 2018; Niss, 2015). According to the South African
Department of Basic Education (2011), mathematical modeling is
an important curriculum focus, and real-world situations should
be included in all areas, such as economics, health, social services,
and others. Mathematical modeling is a process of mathemati-
zation or mathematization in which students can discover rele-
vant issues or assumptions in a given real-world scenario by
mathematizing, interpreting, and evaluating solutions to resulting
mathematical problems related to the given circumstance (Leong
and Tan, 2020). The mathematization method can be applied as a
series of activities directed toward the activity system object, with
the goal of the modeling project serving as the activity object itself
(Aragjo and Lima, 2020). Students with mathematical skills can
acquire mathematical knowledge through logical reasoning using
problem-solving. Formal mathematical information is obtained
during the mathematization process by referring to informal
knowledge, including components of actual problem situations
(Freudenthal, 2002). Mathematical modeling can be divided into
many tasks: simplifying, mathematizing, computing, interpreting,
and validating. When students are proficient in the modeling
process, they can independently and insightfully perform all
components of a mathematical modeling process (Hankeln et al.,
2019), with the focus of the competencies being on identifying
specific fundamental capabilities.

A mathematical model is created using mathematization
(Yilmaz and Dede, 2016). The concept of mathematization
involves using mathematical methods to organize and examine
various aspects of reality. The idea of the mathematization of
actual reality is formulated in two forms of mathematization
(Treffers, 1978; Treffers and Goffree, 1985), namely horizontal
and vertical mathematization. Horizontal and vertical mathema-
tization are complementary processes in mathematical modeling
and problem-solving (Freudenthal, 1991). The process of
horizontal mathematization begins with understanding the
problem and extends to problem-solving (Galbraith, 2017).
Horizontal mathematization involves translating real-world
problems into mathematical representations, while vertical
mathematics involves working within mathematics to solve the
problem. Both processes are important for students to develop a
comprehensive understanding of mathematics and its applica-
tions in real-world situations. Horizontal mathematization refers
to translating a real-world problem into a mathematical problem
or representation. Students identify relevant mathematical
structures, concepts, and relationships related to the given
problem in this phase. They may simplify the problem by
making assumptions, recognizing patterns, or constructing a
model. Horizontal mathematization aims to create a mathema-
tical representation that captures the essence of the real-world
situation and can be analyzed using mathematical tools.
Simplification is about understanding the core problem and
using mathematics to construct a model based on reality (Kaiser
and Schwarz, 2006). Students must be able to clarify the essential
elements of the situation, formulate the problem, and create a
simplified version that can be analyzed mathematically. A further
step is to identify relevant mathematical concepts, variables, and
relationships that capture the essence of the real situation
(mathematization). Students must be able to translate the

problem into mathematical language using appropriate notations
or visual representations (Kaiser and Stender, 2013). This study
defines horizontal mathematization as simplifying assumptions,
clarifying the objective, formulating the problem, assigning
variables, establishing parameters and constants, formulating
mathematical expressions, and selecting a model (Yilmaz and
Dede, 2016).

Vertical mathematization occurs after the problem has been
translated into a mathematical representation through horizontal
mathematization. In this phase, students work within the domain
of mathematics to solve the problem by using mathematical
techniques, calculations, proofs, or manipulations. Vertical
mathematization is about delving deeper into mathematical
concepts, exploring connections, and gaining new insights. The
focus here is on applying mathematical knowledge and reasoning
to find a solution to the problem. Vertical mathematization refers
to exploring the realm of formal symbols (Selter and Walter,
2019). Vertical mathematization also refers to the mathematical
processing and improvement of real-world problems transformed
into mathematics (Treffers and Goffree, 1985). Learners apply
their mathematical knowledge or intuitive procedures to solve the
problem within the framework of the mathematical model (Maaf,
2006). This model may involve calculations, manipulations, or
proof to derive a mathematical solution. Once a mathematical
solution is found, students must interpret the results in the context
of the original problem (Garfunkel and Montgomery, 2016). To
do this interpretation, they must understand the relationship
between the mathematical solution and the real-world situation
and place the solution in terms of the problem’s context. The final
step is to review the solution for accuracy and critically evaluate
the assumptions made, the model used, and the overall process
(Kaiser and Stender, 2013). Students must determine if their
solution is reasonable and sensible and if improvements or
changes can be made to the model or assumptions. This paper
defines vertical mathematization as interpreting, validating, and
relating the result to a real-world context.

Metacognition. Metacognition encompasses two aspects: the
capacity to recognize and understand one’s cognitive processes
(referred to as metacognitive knowledge) and the ability to
manage and adapt these processes (known as metacognitive
control) (Fleur et al.,, 2021). This study must consider metacog-
nition because modeling issues are typically worked on in small
groups (Biccard and Wessels, 2011). Metacognition includes
students’ understanding of their cognitive processes and their
capability to regulate and manipulate them (Kwarikunda et al,,
2022). Metacognition is the knowledge or cognitive activity that
targets or controls any component of a cognitive effort (Flavell,
1979); for example, students use metacognition to solve issues
while studying. Students must manage their cognitive processes
during learning so that their learning achievement be measured
afterward (Bedel, 2012). Metacognition is often divided into two
parts: metacognitive knowledge and techniques, which are often
complemented by an affective-motivational aspect (Efklides,
2008; Veenman et al., 2006). Planning cognitive activities, mon-
itoring progress toward goals, selecting methods to solve diffi-
culties, and reflecting on past performance to improve future
outcomes are all examples of metacognitive techniques (Kim and
Lim, 2019). Furthermore, O’Neil and Abedi (1996) operationalize
students’ metacognitive inventory as a construct that includes
planning, self-checking, cognitive strategy, and awareness.
Metacognition is understanding how individuals gain informa-
tion and manage the process (Schraw and Dennison, 1994).
Metacognitive abilities have a significant impact on student
learning and performance. They enable students to identify areas
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of difficulty and select appropriate learning strategies to under-
stand new concepts. Metacognition has been found to improve
students’ problem-solving abilities (Garcia et al., 2016). However,
metacognitive skills differ among students with varying levels of
modeling competence, with some putting little effort into
organizing or expressing knowledge differences (Garcia et al,
2016). Students with high levels of modeling competence tend to
pay more attention to time management, which may contribute
to their success in problem-solving tasks. Interestingly, metacog-
nitive training is particularly beneficial for lower-performing
students because it allows them to improve while working on the
same tasks as their peers (Karaali, 2015). This finding suggests
that metacognitive instruction can help level the playing field for
students with different abilities and allow all learners to develop
their problem-solving skills more effectively. In summary,
metacognition is critical in mathematics and affects students’
abilities differently. Educators should integrate metacognitive
training into their instructional practices to support all learners
and help them develop self-awareness, reflection, and regulation
skills to benefit their mathematical problem-solving efforts.

Relationship between metacognition and modeling compe-
tency. Metacognition can help with goal-oriented modeling and
overcoming various challenges (Stillman, 2004), depending on
students’ knowledge and experience. The success of metacognitive
activity can be attributed to students’ responses to specific
problem-solving scenarios that can activate metacognition
(Vorhélter, 2021). Metacognition is an essential method asso-
ciated with mathematical proficiency and problem-solving skills.
Teachers can help students develop appropriate individual tech-
niques for dealing with modeling challenges and various meta-
cognitive activities, such as mathematizing across different
circumstances and environments (Blum, 2011). Mathematizing is
a horizontally sequential process of translating parts of the real
world into the language of symbols and abstracting in a vertical
direction (Freudenthal, 2002). The mathematization process is
horizontal mathematization because it requires the learner to
transform real life into mathematical symbols. Horizontal
mathematization leads to results based on different problem-
solving strategies and the concrete problem case (Gravemeijer,
2008). The process of horizontal mathematization focuses pri-
marily on organizing, schematizing, and constructing a model of
reality so that it can be treated mathematically (Pifiero Charlo,
2020). Horizontal mathematization is highlighted as a learning
difficulty in an instructional strategy where teachers do not
recognize horizontal mathematization as a learning problem
(Yvain-Prébiski and Chesnais, 2019), and students also have
difficulty discovering connections and transferring real-world
problems to known mathematical models. Changing models,
merging and defining a connection in a formula, and improving
and integrating models are challenges of vertical mathematization
(Suaebah et al., 2020). Real-world modeling activities that pro-
mote the horizontal mathematization process can help students
experience mathematics as a value by strengthening their
understanding and tangible connection between mathematics and
the effort expended, i.e., by improving their metacognition skills
(Suh et al., 2017).

Awareness of metacognition is critical in developing and
improving students’ problem-solving skills. Studies have shown a
significant positive correlation between metacognition awareness
and problem-solving abilities (Sevgi and Karakaya, 2020).
Effective mathematical problem-solving is also associated with
planning and revision techniques (Garcia et al., 2019). Students
can improve their problem-solving skills through self-reflection
on planning, monitoring, and evaluating their thinking processes
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(Herawaty et al., 2018). This finding highlights the link between
metacognition and modeling abilities such as awareness, self-
checking, planning, and cognitive strategy. By using planning
techniques, students can improve their problem-solving abilities,
for example, through verbalization (Zhang et al., 2019). Although
the transfer of metacognitive knowledge to mathematical
modeling is modest, using planning and revision procedures still
contributes positively to student success. The sub-dimension of
monitoring can predict a student’s engagement in a discussion
(Akman and Alagoz, 2018). Using cognitive strategies during the
formulation phase of the modeling process provides a sense of
guidance (Kriiger et al., 2020). Awareness of metacognition and
using metacognitive strategies such as planning, monitoring, and
revising are essential to improve students’ problem-solving and
mathematical modeling abilities. Educators should aim to
incorporate metacognitive strategies into their teaching methods
to support the development of these skills in students.

Metacognition has been recognized as critical for solving
complicated tasks, such as modeling tasks (Wilson and Clarke,
2004). Individuals can cultivate a more methodical and
comprehensive approach to horizontal mathematization by
integrating the sub-constructs of metacognition (awareness,
planning, self-checking, and cognitive strategies). For example,
horizontal mathematization is enhanced by providing students
with useful tools and tactics for planning, analyzing, and solving
modeling tasks through awareness, planning, self-checking, and
cognitive strategies. Students can recognize mathematical patterns
and structures within a modeling task when they know the
relevance and use of mathematics in everyday situations. Creating
a plan allows students to break difficult tasks into manageable
parts. Students can be disciplined and avoid errors or omissions
by setting goals, outlining necessary mathematical operations,
and choosing a sequence of tasks. Cognitive techniques enable
effective information processing, allow students to connect
different mathematical ideas, and promote creative thinking
when solving modeling tasks. Finally, self-checking promotes
error detection and correction, leading to a better understanding
of mathematical ideas. At the same time, the sub-constructs of
metacognition (awareness, planning, self-checking, and cognitive
strategies) would help enhance vertical mathematization skills.
For example, students can identify the relevant mathematical
relationships and structures needed to build a mathematical
model by improving their awareness. To fulfill this aim, they must
recognize the mathematical concepts and principles that apply to
the current real-world problem. Again, the objectives are set in
the planning phase, variables and parameters are selected, and the
mathematical operations and transformations are described. The
problem is analyzed using cognitive techniques, and the
mathematical solution is found through reasoning, pattern
recognition, and visualization. Finally, self-validation assures that
the mathematical model is accurate and reliable. Students can
locate any errors or inconsistencies and correct them by
examining and checking the model frequently.

Hypotheses. The hypotheses of the research are as follows:

i. Significant relationships will occur between awareness and
horizontal mathematization.

ii. Significant relationships will occur between cognitive
strategy and horizontal mathematization.

ili. Significant relationships will occur between planning and
horizontal mathematization.

iv. Significant relationships will occur between self-checking
and horizontal mathematization.

v. Significant relationships will occur between awareness and
vertical mathematization.
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In formulating a simple mathematical model for determining the optimal placement of a bus stop on a
new bus route. which of the following assumptions is considered the least significant?

(a) Assuming that only one bus shelter will be constructed:

(b) Assuming that the road is linear and without curves;

(¢) Assuming that the probability of dry weather is twice as likely as that of wet weather;

(d) Assuming that the bus operates on a schedule of one bus every thirty minutes and:

(¢) Assuming that customers are unwilling to walk long distances to access a bus.

Fig. 1 The examples of horizontal mathematization test.

vi. Significant relationships will occur between cognitive
strategy and vertical mathematization.

vii. Significant relationships will occur between planning and

vertical mathematization.

Significant relationships will occur between self-checking

and vertical mathematization.

viii.

Methodology

Participants and design. This study used a correlational research
design (Creswell, 2012; Shanmugam and Hidayat, 2022), which
explores the level of interrelation between metacognition and
mathematical modeling using structural equation modeling
(SEM). The current study sample consisted of college students
studying mathematics education in Riau Province, Indonesia,
with similar modeling experiences. These students were pro-
spective mathematics teachers who were prepared to teach
mathematics at the secondary level. First-year (133 or 24.7%),
second-year (223 or 41.4%), and third-year (182 or 33.8%) stu-
dents participated in the study, with a total of 538 samples. The
fourth-year study samples were not included due to practical
exercises. All participants were selected using cluster random
sampling from universities with similar characteristics such as
location and modeling experience. We used this type of sampling
because this research focused on groups rather than individuals,
which resulted in students coming from selected universities to
take the test. Although the current research found that the per-
centage of gender resulted in more female (483 or 89.8%) than
male (55 or 10.2%) samples, we did not use gender as a mod-
erator or covariate for analyzing the data. The Department of
Investment and Integrated One Stop Services, Indonesia,
approved the study. Subsequently, all selected samples received
written informed consent. We explained the study’s objectives
and the voluntary nature of participation before the test was
administered. All students from the selected universities took
60 min to complete the metacognitive inventory instrument and
the mathematical modeling test.

Measures. To measure mathematical modeling competence, we
developed and used the Modeling Test (Haines and Crouch,
2001), which we divided into two sub-constructs: horizontal and
vertical mathematization. The items were assessed by multiple-
choice questions with a three-level scoring (0=wrong answer,
1=partially correct answer, and 2=true answer). The modeling
test had 22 questions and a final score of 44. Moreover, the test is
also suitable for this study because the study included a large
sample (Lingefjard and Holmquist, 2005). Figure 1 shows one of
the examples of measuring horizontal mathematization.
Reliability scores for modeling competence followed the sub-
construct: horizontal mathematization (18 items, a = 0.861) and
vertical mathematization (4 items, «=0.740). These overall
reliability values were acceptable (a>0.70) (Tavakol and
Dennick, 2011). The internal consistency of the mathematical
modeling test was good, with composite reliability values (CR)
ranging from 0.775 to 0.925 (>0.6). The value of the Average
Variance Extracted (AVE) ranged from 0.500 to 0.501 (>0.5),

indicating good discriminant validity. At the same time, the
square roots of all AVE values were larger than the associations
suggested among them or to the left of them, which underlined
the discriminant validity of the mathematical modeling test. All
these values were consistent with the recommendations of
researchers (Fornell and Larcker, 1981; Hair et al., 2010; Nunnally
and Bernstein, 1994), which were satisfactory.

The metacognitive inventory (O’Neil and Abed, 1996) was
adopted for measuring metacognition, which comprised four sub-
scales: awareness (5 items), cognitive strategy (5 items), planning
(5 items), and self-checking (5 items). The example of the item
for each sub-contract provided (awareness; I am always aware of
my thoughts in modeling task), (cognitive strategy; I am trying to
find the main idea in the modeling task), (planning; I am trying to
understand the purpose of the modeling task before attempting to
solve it) and (self-checking; If I notice any mistakes while working
on the modeling task, I always correct them). Reliability scores for
metacognition followed the sub-constructs of awareness
(= 0.825), cognitive strategy (o = 0.853), planning (a = 0.842),
and self-checking (« = 0.828). These overall reliability values were
acceptable (a>0.70) (Tavakol and Dennick, 2011). The internal
consistency of the metacognitive inventory was high, with
composite reliability values (CR) ranging from 0.775 to 0.925
(>0.6). The value of the Average Variance Extracted (AVE)
ranged from 0.500 to 0.526 (>0.5), indicating good discriminant
validity. The square roots of all AVE values were higher than the
associations suggested among them or to the left of them,
underlining the discriminant validity of the metacognition scale.
These values were consistent with what researchers proposed
(Fornell and Larcker, 1981; Hair et al, 2010; Nunnally and
Bernstein, 1994), which were satisfactory.

Strategy of data analyses. In the first analysis, we used descriptive
statistics for all sub-constructs with missing data, outliers (box-
plots), means, standard deviations, skewness, and kurtosis. At the
same time, the relationships between latent variables were cal-
culated using Pearson correlations to determine multicollinearity.
According to Kline (2005), the relationship between the latent
variables should be less than 0.900 for the observed variables to be
free from multicollinearity. For the cut-off value of univariate
normality, we used skewness (+2.0) (Tabachnick and Fidell, 2013)
and kurtosis (+8.0) (Kline, 2005) in this paper. Then, SEM
(AMOS version 18.0) was used to evaluate the hypothesized
model. First, we calculated a measurement model (Confirmatory
Factor Analyzes—CFA) for each variable to test whether or not
the dimensional structures of the instruments could be confirmed
for the sample in the present study. For the construct of meta-
cognition, we assessed awareness models, cognitive strategy,
planning, and self-checking sequentially. The following mea-
surement model assessed two-dimensional modeling competence
(horizontal and vertical mathematization). Next, we set up the
hypothetical model to test the effect of the sub-dimensions of
metacognition on mathematical modeling (horizontal and vertical
mathematization). Model fit was assessed using the standardized
root mean residual (SRMR) (<0.080), chi-square values (P> 0.05),
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Table 1 Descriptive outputs.
Constructs Sub-constructs 1 2 3 4 5 6
Metacogntion 1. Awareness 1 0.677 0.583 0.593 0.616 0.476
2. Cognitive strategy 1 0.633 0.567 0.645 0.522
3. Planning 1 0.634 0.634 0.500
4. Self-checking 1 0.617 0.530
Modeling competency 5. Horizontal mathematization 1 0.342
6. Vertical mathematization 1
Skewness —0.133 —0.658 —0.124 —0.154 0.095 0.195
Kurtosis 0.842 2.343 0.087 0.106 0.032 -0.670
Mean 3.940 3.737 3.951 3.910 0.914 0.848
Standard deviation 0.552 0.668 0.584 0.637 0.331 0.523

comparative fit index (CFI) (>0.950), Tucker-Lewis index (TLI)
(>0.950), the root mean square error of approximation (RMSEA)
(<0.080) (Bandalos and Finney, 2018; Dash and Paul, 2021), and
the goodness-of-fit index (>0.900) (Dash and Paul, 2021). SRMR
was determined by taking the average of the residuals from the
comparison of the observed and implied matrices (Bandalos and
Finney, 2018). The chi-square test assessed the discrepancy
between the observed sample data and the covariance matrices
within the model. CFI and TLI compare the goodness of fit of a
model to that of a null or independent model. Finally, to assess
the discriminant validity, reliability, and convergent validity of
the measures, we used the composite reliability (CR) (>0.60),
Cronbach’s alpha values (0.60-0.70), and average variance
extracted (AVE) (>0.50).

Results

Descriptive results. Table 1 shows the descriptive results and
correlation matrix for the sub-construct of metacognition
(awareness, cognitive strategy, planning, and self-checking) and
the sub-construct of modeling competency (horizontal and ver-
tical mathematization).

As indicated in Table 1, the highest relationship was between
awareness and cognitive strategy (r = 0.677), while horizontal and
vertical mathematization (r = 0.342) were the lowest correlated.
Again, the students’ awareness, cognitive strategy, planning, and
self-checking were moderate (M = 3.940, M = 3.737, M = 3.951,
M =3910, respectively). The skewness score ranged between
—0.658 and —0.124 (+2.0), while the kurtosis values ranged
between 0.087 and 2.343 (£ 8.0). The outputs indicated that no
values exceeded the cut-off score for all of the four sub-constructs
(Kline, 2005; Tabachnick and Fidell, 2013), which was normally
distributed. At the same time, the students’ horizontal and
vertical mathematization were also moderate (M =0.914,
M =0.848, respectively). The skewness score ranged between
0.095 and 0.195 ( + 2.0), while the kurtosis scores ranged between
—0.670 and 0.032 (*8.0). The results showed that no scores
exceeded the cut-off score for the two sub-constructs (Kline,
2005; Tabachnick and Fidell, 2013), which was normally
distributed.

Measurement models. The measurement model was employed to
confirm that observed variables reflected unobserved variables
before evaluating the hypothetical structural model. We
employed CFA to measure the fitness of the latent variables of
metacognition (20 indicators) and mathematical modeling com-
petency (22 indicators). The outputs of maximum likelihood
estimation revealed that the measurement model of metacogni-
tion for the four sub-constructs indicated an acceptable match;
x> =325454, y2/df=1.984, RMSEA =0.043, SRMR = 0.036,
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Table 2 Examination of the measurement model.

Goodness- Measurement Results
of -fit standard

Metacognition Modeling

competency

72 P>0.05 325.454 261.077
x2/df <5.00 1984 1305
RMSEA <0.080 0.043 0.024
SRMR <0.080 0.036 0.041
CFl >0.950 0.965 0.975
GFI >0.900 0.955 0.958
TLI >0.950 0.959 0.971

CFI = 0.965, GFI = 0.955, TLI = 0.959 (Table 2). Moreover, the
measurement model of mathematical modeling competency also
revealed that two sub-constructs indicated an adequate fit of the
model to the data; y?> = 261.077, x*/df = 1.305, RMSEA = 0.024,
SRMR = 0.041, CFI =0.975, GFI =0.958, TLI =0.971. Despite
the significance of the chi-square result, x*/df, RMSEA, SRMR,
CFI, GFI, and TLI recommended that the a priori model had an
adequate factor structure.

Factor loading and coefficient of SEM regression are shown in
Table 3. All factor loadings from sub-constructs of horizontal
mathematization (around 0.617-0.837), vertical mathematization
(from 0.660 to 0.703), awareness (around 0.662-0.738), cognitive
strategy (from 0.770 to 0.758), planning (around 0.660-0.757)
and self-checking (from 0.662 to 0.760), were significant. Each
item within every sub-construct exhibited statistically significant
factor loadings (P < 0.001), affirming the correlation among items
for each sub-construct. The standardized estimate for factor
loading indicated that all items had factor loadings greater than
0.50, which surpassed the desired criteria (Hair et al., 2010).

Testing the hypothesized models. Similar to the examining
measurement model, some cut-off scores were also applied for
each measurement to evaluate the hypothesized model; y2/df<
5.00, RMSEA <0.080, SRMR <0.080, CFI>0.950, GFI>0.900,
TLI > 0.950. The results of SEM indicated a highly satisfactory fit
to data, x>=1163.570, y%/df=1460, RMSEA =0.029,
SRMR = 0.043, CFI = 0.950, GFI = 0.908, TLI = 0.950 (see Fig. 2).
The hypothesized model shown in Fig. 2 was the final structural
model that indicated the relationship between the sub-construct of
metacognition and mathematical modeling competency. The
parameter estimates for whole structural paths in the hypothesized
model were statistically significant.

Next, Table 4 shows detailed statistics on the final model (e.g.,
standardized estimate, unstandardized estimate, standard errors,
CR, and P value).
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Table 3 Factor loadings of variables.
Construct Sub-construct Item Factor P
loading
Modeling Horizontal Q1 0.700 o
competency mathematization Q2 0.837 ol
Q3 0632 el
Q4 0.751 Frx
Q5 0.712 Frx
Q6  0.700 el
Q7 0.623 ol
Q8 0.700 ol
Q9 0.700 e
Q10 0.744 e
QN 0.637 el
Q12 0.636 i
Q13  0.627 e
Q14 0.617 e
Q15 0.678 el
Q16 0.708 o
Q17  0.700 e
Q18 0.622 o
Vertical Q19 0.700 Frx
mathematization Q20 0.660 o
Q21 0.670 e
Q22 0.703 el
Metacognition Awareness Al 0.700 o
A5  0.662 e
A1l 0.738 e
A6 0.684 ol
A20 0.700 o
Cognitive strategy C2 0.714 o
Cc7 0.717 e
C10  0.775 e
C15 0.758 e
C17  0.700 e
Planning P3 0.660 o
P4 0.716 ol
P8 0.731 e
P13 0.757 e
P18  0.729 el
Self-checking S6 0.760 o
S9 0.638 i
S14 - 0.735 e
S19  0.662 ol
S12 0.715 Frx
***Significant.

As appeared in Table 4, the direct path coefficient was significant:
(a) cognitive strategy — horizontal mathematization [ =0.26,
P<0.05, t=2.535], (b) planning — horizontal mathematization
[=023, P<0.05 t=2369], (c) self-checking — horizontal
mathematization [ =023, P<0.05, t=2470]. The hypothesis
was fully accepted. Students who used cognitive strategy, planning,
and self-checking accomplished well in horizontal mathematization.
Conversely, the direct path coefficient of awareness to horizontal
mathematization was insignificant [$=0.17, P> 0.05, t=1.685].
Thus, the hypothesis was not fully supported. It implied that
awareness alone might not strongly predict success in horizontal
mathematization. At the same time, the direct path coefficient was
not significant: (a) cognitive strategy — vertical mathematization
[3=024, P>0.05, t=1.763], (b) planning — vertical mathema-
tization [$=0.15, P>0.05, t=1.180], (c) awareness — vertical
mathematization [=0.08, P>0.05, t=0.635]. It showed that
awareness, cognitive strategy, and planning alone may not strongly
predict success in vertical mathematization. The direct path
coefficient of self-checking — vertical mathematization was

significant [$=0.27, P<0.05, t=2.138]. Students who used self-
checking accomplished well in vertical mathematization. In
conclusion, cognitive strategy (26%), planning (23%), and self-
checking (23%) accounted for a variance for horizontal mathema-
tization; at the same time, self-checking (27%) accounted for a
variance for vertical mathematization.

Discussion

Integrating mathematical modeling across subject areas can give
students a more meaningful and context-rich understanding of
mathematics. Numerous studies have shown that many students
find mathematical modeling difficult and complex (Anhalt et al,,
2018; Corum and Garofalo, 2019; Czocher, 2017). For example,
some students have difficulty translating real-world problems into
mathematical terms, while others have difficulty finding appro-
priate mathematical models to represent complex systems and
phenomena. This study aimed to examine whether the different
sub-dimensions of metacognition could be used to predict a
student’s level of competency in modeling.

We found no significant or positive relationship between
awareness and horizontal or vertical mathematization. Despite
numerous studies that do not support the finding of a significant
and positive relationship between these variables (Kreibich et al.,
2022; Sevgi and Karakaya, 2020; Toraman et al., 2020), previous
research has primarily focused on metacognitive awareness rather
than the sub-domain of awareness within metacognition. Indeed,
much of the research in mathematics education has focused on
problem-solving and not specifically on the context of mathe-
matical modeling. This focus on problem-solving has led to
valuable insights into how students learn, think, and apply
mathematical concepts. However, certain aspects of mathematical
modeling may have been less explored or understood in the
process. One possible explanation could be insufficient mathe-
matical knowledge in mathematical modeling. Leong (2014)
indicated that incorporating mathematical modeling into the
curriculum may face challenges, including teacher readiness, time
constraints, and educator dispositions. The extent of a student’s
mathematical understanding can influence the connection
between awareness and horizontal or vertical mathematization.
Students who do not have the requisite mathematical foundations
may have difficulty making connections or applying problem-
solving techniques, regardless of their level of awareness. For
example, increased awareness can help students identify relevant
information, recognize patterns and relationships, develop
appropriate assumptions, select mathematical tools, and reflect on
their modeling process.

Our results show a positive and significant correlation
between cognitive strategy and horizontal mathematization;
however, no significant relationship was found between cog-
nitive strategy and vertical mathematization. This result con-
firms previous research in this area (Hidayat et al., 2020, 2022;
Kriiger et al., 2020). This observation can be attributed to the
complexity of the tasks. Horizontal mathematization involves
translating real-world problems into mathematical representa-
tions, whereas vertical mathematization involves working
within the domain of mathematics to solve problems. Cognitive
strategies, such as organizing information, recognizing patterns,
and selecting appropriate tools, may be more applicable to
horizontal mathematization. This result is consistent with
Kriiger et al.’s (2020) view that using cognitive strategies pro-
vides direction in the formulation phase of the modeling pro-
cess. Conversely, in vertical mathematization, tasks may be
more complex or abstract and require higher mathematical
knowledge or skills. Vertical mathematization involves going
deeper into the mathematical domain, working with more
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Fig. 2 The final model.

abstract concepts, and using advanced problem-solving tech-
niques. Cognitive strategies typically focus on organizing,
planning, and selecting tools that may not be as influential in
this more abstract and complex domain. Consequently, cogni-
tive strategies alone may not be sufficient to influence vertical

8

mathematization. Another possible explanation is that students’
different cognitive styles may lead to different approaches to
mathematization processes. Students with different cognitive
styles may lead different approaches to mathematization pro-
cesses (Mariani and Hendikawati, 2017).
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Table 4 Path analysis.

Hypothesis Unstandardized estimate Standardized estimate Std. error t value P Decision
Awareness — Horizontal mathematization 0.094 0.170 0.056 1.685 0.092 Not supported
Cognitive strategy — Horizontal 0.120 0.260 0.048 2535 0.011 Supported
mathematization

Planning — Horizontal mathematization 0.122 0.230 0.052 2369 0.018 Supported
Self-checking — Horizontal mathematization 0.110 0.230 0.044 2470 0.014 Supported
Awareness — Vertical mathematization 0.040 0.080 0.064 0.635 0.526 Not supported
Cognitive strategy — Vertical mathematization ~ 0.097 0.240 0.055 1763 0.078 Not supported
Planning — Vertical mathematization 0.069 0.150 0.059 1180  0.238 Not supported
Self-checking — Vertical mathematization 0.113 0.270 0.053 2138 0.033  Supported

This research’s results indicate a significant and positive rela-
tionship between planning and horizontal mathematization, but
no significant correlation was found between planning and ver-
tical mathematization. This result is consistent with previous
research (Garcia et al., 2019; Herawaty et al., 2018; Zhang et al.,
2019). In a horizontal mathematization context, verbalization can
potentially explain this observation. Zhang et al. (2019) indicated
that students can improve their problem-solving skills through
planning strategies such as verbalization. Verbalization, i.e.,
talking about the problem and their thought processes, can also
help students clarify their thinking and identify possible errors or
inconsistencies in their reasoning. By breaking down complex
problems into smaller, more manageable steps, students can more
easily understand the problem and develop an action plan for
solving it. In horizontal mathematization, students must be able
to analyze the problem, identify the most important variables and
relationships, and develop a plan to solve the problem using
mathematical concepts and procedures. However, the sub-
domain of planning is not used effectively in vertical mathema-
tization. Vertical mathematization requires students to engage in
a more analytical and abstract form of thinking, which can be
more challenging than the more concrete and tangible aspects of
horizontal mathematics. In addition, vertical mathematization
often involves multiple mathematical concepts and procedures,
making it more challenging to plan a clear and effective problem-
solving strategy. Students may rely on trial-and-error methods or
intuitive problem-solving approaches rather than explicit
planning.

Our study shows a significant positive correlation between self-
checking and horizontal and vertical mathematization. This result
is consistent with previous studies conducted on this topic, such
as those by Akman and Alag6z (2018), Garcia et al. (2019), and
Herawaty et al. (2018). This consistency of results between studies
highlights the importance of self-checking or monitoring in
mathematical modeling. One possible explanation for this con-
sistent finding is that self-checking is beneficial for students to
identify errors, ensure accuracy, and build confidence in their
mathematical abilities. Using self-checking techniques, students
monitor their understanding and advancement as they work
through the problem. This monitoring can help them identify
errors or misunderstandings early on and correct their thought
processes or methods accordingly. Self-checking can also help
students stay organized and focused as they solve the problem,
reducing the chance of making mistakes or overlooking impor-
tant details. For example, modelers correctly identified the rele-
vant variables and relationships in the problem. Similarly,
monitoring strategies can improve vertical mathematization by
helping students stay organized and focused, reflecting on their
problem-solving approaches, and interpreting the outcomes of
their solutions. For example, monitoring or self-checking can help
students interpret the results of their problem-solving efforts in
the context of the original problem. By reflecting on the meaning

of the solution and its relation to the real world, students can
develop a deeper understanding of mathematical concepts and
their applications. In addition, monitoring can help students stay
organized and focused as they work through a problem, reducing
the likelihood of making mistakes or missing important details.
Research has shown that the sub-dimension of monitoring can
predict student engagement in classroom discussions (Akman
and Alagoz, 2018).

Conclusion

Mathematical modeling involves applying mathematical concepts
and techniques to real-world situations and requires students to
think critically, creatively, and systematically about problems.
Students need opportunities to engage in various tasks that
require applying their mathematical knowledge to real-world
situations and sufficient time to gain experience and develop their
skills. Metacognition plays an important role in mathematical
modeling by helping students become more aware of their
thinking processes, monitor their understanding, and decide
when to seek help or additional support. According to this
research, awareness alone did not significantly impact horizontal
mathematization. However, using cognitive techniques, making
intelligent plans, and self-checking significantly improved hor-
izontal mathematization. To improve learners’ horizontal
mathematics skills, it is important to motivate them to use proper
cognitive methods, acquire efficient planning techniques, and
develop the habit of self-checking. In addition, the results pave
the way for further research on the exact cognitive strategies,
planning methods, and self-checking procedures that support
effective horizontal mathematization. By analyzing how these
variables interact and influence student performance, insights can
be gained into instructional strategies and interventions that
support successful mathematical modeling. Finally, these dis-
coveries improve our understanding of the intricate connection
between metacognition and mathematical modeling. Awareness
may not directly affect horizontal mathematization, but cognitive
techniques, planning, and self-checking are critical. The unique
processes and techniques associated with different types of
mathematical modeling must also be considered, as demonstrated
by the differential effects on vertical mathematization. These
findings extend our theoretical understanding of the relationship
between mastery of mathematical modeling, metacognitive pro-
cesses, and specific cognitive skills.

Limitations and suggestions

It is common for research studies to have limitations, and the
current study is no exception. Acknowledging and considering
the study’s limitations in future research is essential. Firstly, some
hypotheses are fully supported by the research findings, while
others are not. It is possible that other factors, such as students’
prior mathematical knowledge and experience, their motivation
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and engagement in mathematical modeling, and the quality of
instruction, play a more important role in promoting horizontal
and vertical mathematization. Further research is needed to fully
understand the complex interplay of factors contributing to
horizontal and vertical mathematization and to identify effective
strategies for promoting mathematization in students. Secondly,
although the current study found correlations among variables, it
is important to note that correlational studies cannot prove
causality. Future research may therefore benefit from using
experimental designs or other methods to establish causal rela-
tionships among variables. These methods may involve inter-
ventions or manipulations designed to directly change the
independent variable and observe its effects on the dependent
variable. Such methods allow researchers to understand the causal
relationships between variables better and draw more meaningful
conclusions about the effects of various factors on the outcome of
interest. Finally, a potential limitation of the current study is that
it relied on self-reported measures of variables that could be
susceptible to bias or error. Future research could benefit from
using objective measurements or multiple data sources to increase
the validity of the results. Objective measurements may include
direct observation or physiological measurements, providing
more accurate and reliable data. In addition, using multiple data
sources can contribute to a more comprehensive understanding
of the phenomenon under study, as different data sources may
capture different aspects of the measured construct. Using such
methods, researchers can increase the validity and reliability of
their findings and draw more meaningful conclusions about the
relationship between different variables.

Data availability
All relevant data can be found in the manuscript and its
accompanying supplementary files.

Received: 17 April 2023; Accepted: 19 October 2023;
Published online: 31 October 2023

References

Abassian A, Safi F, Bush S, Bostic J (2019) Five different perspectives on mathe-
matical modeling in mathematics education. Investig Math Learn
12(1):53-65. https://doi.org/10.1080/19477503.2019.1595360

Akman O, Alagéz B (2018) Relation between metacognitive awareness and parti-
cipation to class discussion of university students. Univers ] Educ Res
6(1):11-24. https://doi.org/10.13189/ujer.2018.060102

Anhalt CO, Cortez R, Bennett AB (2018) The emergence of mathematical mod-
eling competencies: an investigation of prospective secondary mathematics
teachers. Math Think Learn 20(3):202-221. https://doi.org/10.1080/
10986065.2018.1474532

Aratjo JDL, Lima FHD (2020) The mathematization process as object-oriented
actions of a modelling activity system. Bolema Boletim de Educagdo Mate-
matica 34(68):847-868. https://doi.org/10.1590/1980-4415v34n68a01

Arlebick ] (2017) Using a models and modeling perspective (MMP) to frame and
combine research, practice- and teachers’ professional development. CERME
10, Dublin, Ireland, https://shorturl.at/pyNT8

Bandalos DL, Finney SJ (2018) Factor analysis. In: The reviewer’s guide to quan-
titative methods in the social sciences. Routledge, p. 98-122. https://doi.org/
10.4324/9781315755649-8

Bedel EF (2012) An examination of locus of control, epistemological beliefs and
metacognitive awareness in preservice early childhood teachers. Educ Sci
Theory Pract 12(4):, 3051-3060

Biccard P, Wessels DC (2011) Documenting the development of modelling com-
petencies of grade 7 mathematics students. Trends Teach Learn Math Modell
ICTMA 14:375-383. https://doi.org/10.1007/978-94-007-0910-2_37

Blum W (2011) Can modelling be taught and learnt? Some answers from empirical
research. In: Kaiser G, Blum W, Borromeo Ferri R, Stillman G (eds). Trends
in teaching and learning of mathematical modelling. International

perspectives on the teaching and learning of mathematical modelling, 1.
Springer, p. 15-30

Blum W (2002) ICMI study 14: applications and modelling in mathematics edu-
cation—discussion document. Educ Stud Math 51:149-171. https://doi.org/
10.1007/BF02655826

Carreira S, Baioa AM (2018) Mathematical modeling with hands-on experimental
tasks: on the student’s sense of credibility. ZDM Math Educ 50(1):201-215.
https://doi.org/10.1007/s11858-017-0905-1

Corum K, Garofalo J (2019) Engaging preservice secondary mathematics teachers
in authentic mathematical modeling: deriving Ampere’s law. Math Teacher
Educ 8(1):76-91. https://doi.org/10.5951/mathteaceduc.8.1.0076

Creswell JW (2012) Educational research: planning, conducting, and evaluating
quantitative and qualitative research. In: Educational Research, Vol. 4.
Pearson

Csapd B, Funke, J (2017) The nature of problem solving: using research to inspire
21st century learning. OECD Publishing

Czocher JA (2017) Mathematical modeling cycles as a task design heuristic. Math
Enthusiast 14(1-3):129-140. https://doi.org/10.54870/1551-3440.1391

Dash G, Paul J (2021) CB-SEM vs PLS-SEM methods for research in social sciences
and technology forecasting. Technol Forecast Soc Change 173:121092.
https://doi.org/10.1016/j.techfore.2021.121092

Efklides A (2008) Metacognition: defining its facets and levels of functioning in
relation to self-regulation and co-regulation. Eur Psychol 13(4):277-287.
https://doi.org/10.1027/1016-9040.13.4.277

English L (2007) Interdisciplinary modelling in the primary mathematics curri-
culum. In: Watson J, Beswick K (eds) Mathematics: Essential research,
essential practice, 1. Mathematics education research group of Australasia,
Australia, p. 275-284

English L, Lesh R, Fennewald T (2008) Future directions and perspectives for
problem solving research and curriculum development. Paper presented at
the 11th international conference on mathematical education, Monterrey,
Mexico. http://tsg.icmell.org/document/get/458

Erbas AK, Kertil M, Cetinkaya B, Cakiroglu E, Alacaci C, Bas S (2014) Mathe-
matical modeling in mathematics education: basic concepts and approaches.
Educ Sci Theory Pract 14(4):1621-1627. https://doi.org/10.12738/estp.2014.4.
2039

Flavell JH (1979) Metacognition and cognitive monitoring: a new area of
cognitive-developmental inquiry. Am Psychol 34(10):906. https://doi.org/10.
1037/0003-066x.34.10.906

Fleur DS, Bredeweg B, van den Bos W (2021) Metacognition: ideas and insights
from neuro-and educational sciences. NPJ Sci Learn 6(1):13. https://doi.org/
10.31234/osf.io/zx6f7

Fornell C, Larcker DF (1981) Evaluating structural equation models with unob-
servable variables and measurement error. ] Market Res 18:39-50. https://doi.
org/10.2307/3151312

Freudenthal H (1991) Revisiting mathematics education, China lectures. Kluwer
Academic Publishers

Freudenthal H (2002) Revisiting mathematics education. China lectures. Kluwer
Academic Publishers

Galbraith P (2017) Forty years on: mathematical modelling in and for education.
In: Downton A, Livy S, Hall J (eds) 40 Years on: We are still learning!
Proceedings of the 40th annual conference of the mathematics education
research group of Australasia, MERGA, p. 47-50

Garcia T, Rodriguez C, Gonzalez-Castro P, Gonzélez-Pienda JA, Torrance M
(2016) Elementary students’ metacognitive processes and post-performance
calibration on mathematical problem-solving tasks. Metacogn Learn
11:139-170. https://doi.org/10.1007/s11409-015-9139-1

Garcia T, Boom J, Kroesbergen EH, Nuiez JC, Rodriguez C (2019) Planning,
execution, and revision in mathematics problem solving: does the order of the
phases matter? Stud Educ Eval 61:83-93. https://doi.org/10.1016/j.stueduc.
2019.03.001

Garfunkel S, Montgomery M (2016) Guidelines for assessment and instruction in
mathematical modeling education (GAIMME) report. Consortium for
Mathematics and Its Applications (COMAP)/Society For Industrial and
Applied Mathematics (SIAM), Boston/Philadelphia, Pennsylvania, United
States

Gravemeijer K (2008) RME theory and mathematics teacher education. In: Tirosh,
D, Wood T (eds) The international handbook of mathematics teacher edu-
cation: tools and processes in mathematics teacher education. Sense Pub-
lishers, p. 283-302

Haines C, Crouch R (2001) Recognizing constructs within mathematical modelling.
Teach Math Appl 20(3):129-138. https://doi.org/10.1093/teamat/20.3.129

Hair JF, Black WC, Babin BJ, Anderson RE (2010) Multivariate data analysis, 7th
Edition. Prentice Hall

Hankeln C, Adamek C, Greefrath G (2019) Assessing sub-competencies of
mathematical modelling—development of a new test instrument. Lines of
Inquiry in Mathematical Modelling Research in Education, 143-160. https://
doi.org/10.1007/978-3-030-14931-4_8

| (2023)10:763 | https://doi.org/10.1057/541599-023-02290-w


https://doi.org/10.1080/19477503.2019.1595360
https://doi.org/10.13189/ujer.2018.060102
https://doi.org/10.1080/10986065.2018.1474532
https://doi.org/10.1080/10986065.2018.1474532
https://doi.org/10.1590/1980-4415v34n68a01
https://shorturl.at/pyNT8
https://doi.org/10.4324/9781315755649-8
https://doi.org/10.4324/9781315755649-8
https://doi.org/10.1007/978-94-007-0910-2_37
https://doi.org/10.1007/BF02655826
https://doi.org/10.1007/BF02655826
https://doi.org/10.1007/s11858-017-0905-1
https://doi.org/10.5951/mathteaceduc.8.1.0076
https://doi.org/10.54870/1551-3440.1391
https://doi.org/10.1016/j.techfore.2021.121092
https://doi.org/10.1027/1016-9040.13.4.277
http://tsg.icme11.org/document/get/458
https://doi.org/10.12738/estp.2014.4.2039
https://doi.org/10.12738/estp.2014.4.2039
https://doi.org/10.1037/0003-066x.34.10.906
https://doi.org/10.1037/0003-066x.34.10.906
https://doi.org/10.31234/osf.io/zx6f7
https://doi.org/10.31234/osf.io/zx6f7
https://doi.org/10.2307/3151312
https://doi.org/10.2307/3151312
https://doi.org/10.1007/s11409-015-9139-1
https://doi.org/10.1016/j.stueduc.2019.03.001
https://doi.org/10.1016/j.stueduc.2019.03.001
https://doi.org/10.1093/teamat/20.3.129
https://doi.org/10.1007/978-3-030-14931-4_8
https://doi.org/10.1007/978-3-030-14931-4_8

ARTICLE

Herawaty D, Widada W, Novita T, Waroka L, Lubis ANMT (2018) Students’
metacognition on mathematical problem solving through ethnomathematics
in Rejang Lebong, Indonesia. ] Phys Conf Ser 1088(1):012089. https://doi.org/
10.1088/1742-6596/1088/1/012089

Herndndez ML, Levy R, Felton-Koestler MD, Zbiek RM (2016) Mathematical
modeling in the high school curriculum. Math Teacher 110(5):336-342.
https://doi.org/10.5951/mathteacher.110.5.0336

Hidayat R, Wardat Y (2023) A systematic review of augmented reality in science,
technology, engineering and mathematics education. Educ Inf Technol.
https://doi.org/10.1007/s10639-023-12157-x

Hidayat R, Hermandra H, Zetriuslita Z, Lestari S, Qudratuddarsi H (2022)
Achievement goals, metacognition and horizontal mathematization: a med-
iational analysis. TEM ] 11(04):1537-1546. https://doi.org/10.18421/
TEM114-14

Hidayat R, Syed Zamri SNA, Zulnaidi H, Yuanita P (2020) Meta-cognitive beha-
viour and mathematical modelling competency: mediating effect of perfor-
mance goals. Heliyon 6(4). https://doi.org/10.1016/j.heliyon.2020.03800

Hidayat R, Zulnaidi H, Zamri SNAS (2018) Roles of metacognition and achieve-
ment goals in mathematical modeling competency: a structural equation
modeling analysis. PLoS ONE 13(11). https://doi.org/10.1371/journal.pone.
0206211

Kaiser G, Schwarz B (2006) Mathematical modelling as bridge between school and
university. ZDM Math Educ 38(2):196-208. https://doi.org/10.1007/
BF02655889

Kaiser G, Sriraman B (2006) A global survey of international perspectives on
modelling in mathematics education. ZDM Math Educ 38(3):302-310.
https://doi.org/10.1007/BF02652813

Kaiser G, Stender P (2013) Complex modelling problems in co-operative, self-
directed learning environments. In: Stillman GA, Kaiser G, Blum W, Brown
JP (eds) Teaching mathematical modelling: connecting to research and
practice. The Netherlands. Dordrecht, South Holland, p. 277-293. https://doi.
org/10.1007/978-94-007-6540-5_23

Kannadass P, Hidayat R, Siregar PS, Husain AP (2023) Relationship between
computational and critical thinking towards modelling competency among
pre-service mathematics teachers. TEM ] 1370-1382. Portico. https://doi.org/
10.18421/tem123-17

Karaali G (2015) Metacognition in the classroom: motivation and self-awareness of
mathematics learners. Problems Resour Issues Math Undergraduate Stud
25:439-452. https://doi.org/10.1080/10511970.2015.1027837

Kim JY, Lim KY (2019) Promoting learning in online, ill-structured problem
solving: the effects of scaffolding type and metacognition level. Comput Educ
138:116-129. https://doi.org/10.1016/j.compedu.2019.05.001

Kline RB (2005) Principles and practice of structural equation modeling. The
Guilford Press

Kramarski B, Mevarech Z, Arami M (2002) The effects of metacognitive instruc-
tion on solving mathematical authentic tasks. Educ Stud Math 49:225-250.
https://doi.org/10.1023/A:1016282811724

Kreibich A, Hennecke M, Brandstitter V (2022) The role of self-awareness and
problem-solving orientation for the instrumentality of goal-related means. J
Individ Differ 43(2):57-69. https://doi.org/10.1027/1614-0001/a000355

Kriiger A, Vorholter K, Kaiser G (2020) Metacognitive strategies in group work in
mathematical modelling activities-The students’ perspective. In: Stillman GA,
Kaiser G, Lampen, CE (eds) Mathematical modelling education and sense-
making. Springer, p. 311-321

Kwarikunda D, Schiefele U, Muwonge CM, Ssenyonga ] (2022) Profiles of learners
based on their cognitive and metacognitive learning strategy use: occurrence and
relations with gender, intrinsic motivation, and perceived autonomy support.
Humanit Soc Sci Commun 9(1). https://doi.org/10.1057/s41599-022-01322-1

Leong KE (2014) Mathematical modelling in the Malaysian secondary curriculum.
Learn Sci Math Online ] 8:66-74

Leong KE, Tan JY (2020) Exploring secondary students’ modeling competencies.
Math Enthusiast 17(1):85-107. https://doi.org/10.54870/1551-3440.1481

Lesh R, Doerr HM (2003) Beyond constructivism: A models & modeling per-
spective on mathematics problem solving, learning, and teaching. Mahwah

Lesh R, Lehrer R (2003) Models and modeling perspectives on the development of
students and teachers. Math Think Learn 5(2):109-129. https://doi.org/10.
1207/815327833MTL0502&3_01

Lingefjard T, Holmquist M (2005) To assess students attitudes, skills, and com-
petencies in mathematical modeling. Teach Math Appl 24(2-3):123-133.
https://doi.org/10.1093/teamat/hri021

Maal K (2006) What are modelling competencies? ZDM Math Educ
38(2):113-142. https://doi.org/10.1007/bf02655885

Mariani S, Hendikawati P (2017) Mathematizing process of junior high school
students to improve mathematics literacy refers PISA on RCP learning. J Phys
Conf Ser 824(1):012049. https://doi.org/10.1088/1742-6596/824/1/012049

Minarni A, Napitupulu EE (2020) The role of constructivism-based learning in
improving mathematical high order thinking skills of Indonesian students.
Infinity J 9(1):111-132. https://doi.org/10.22460/infinity.v9il.p111-132

Mohd Saad MR, Mamat S, Hidayat R, Othman AJ (2023) Integrating technology-
based instruction and mathematical modelling for STEAM-based language
learning: a sociocultural and self-determination theory perspective. Int J
Interact Mobile Technol 17(14):55-80. https://doi.org/10.3991/ijim.v17i14.
39477

National Council of Teachers of Mathematics (1989) Curriculum and evaluation
standards for school mathematics. NCTM

Niss M (2015) Mathematical competencies and PISA. In: Stacey K, Turner R (eds)
Assessing mathematical literacy. Springer, Cham, https://doi.org/10.1007/
978-3-319-10121-7_2

Niss M, Blum W, Galbraith P (2007) Introduction. In: Blum W, Galbraith PL,
Henn H-W, Niss M (eds) Modelling and applications in mathematics edu-
cation, 10th edn. Springer, p. 2-32

Nunnally JC, Bernstein IH (1994) Psychometric theory, 3rd ed. McGraw-Hill

O’Neil HF, Abedi ] (1996) Reliability and validity of a state metacognitive inven-
tory: potential for alternative assessment. ] Educ Res 89:234-245. https://doi.
0rg/10.1037/e650722011-001

Piflero Charlo JC (2020) Educational escape rooms as a tool for horizontal
mathematization: learning process evidence. Educ Sci 10(9):213. https://doi.
0rg/10.3390/educscil0090213

Schoenfeld AH (1983) Beyond the purely cognitive: belief systems, social cogni-
tions, and metacognitions as driving forces in intellectual performance. Cogn
Sci 7(4):329-363. https://doi.org/10.1016/S0364-0213(83)80003-2

Schoenfeld AH (2007) Method. In: Lester FK, Jr (ed) Second handbook of research
on mathematics teaching and learning. Information Age Publishing Inc, p.
69-107

Schoenfeld AH (2016) Learning to think mathematically: problem solving, meta-
cognition, and sense making in mathematics (reprint). ] Educ 196(2):1-38.
https://doi.org/10.1177/002205741619600202

Schraw G, Dennison RS (1994) Assessing metacognitive awareness. Contemporary
Educ Psychol 19(4):460-475. https://doi.org/10.1006/ceps.1994.1033

Selter C, Walter D (2019) Supporting mathematical learning processes by means of
mathematics conferences and mathematics language tools. ICME-13
Monographs 229-254. https://doi.org/10.1007/978-3-030-20223-1_13

Sevgi SEVIM, Karakaya M (2020) Investigation of metacognition awareness levels
and problem-solving skills of middle school students. Int Online J Prim Educ
9(2):260-270. https://tinyurl.com/2vf34tbu

Sevinc S (2022) Toward a reconceptualization of model development from models-
and-modeling perspective in mathematics education. Educ Stud Math
109(3):611-638. https://doi.org/10.1007/s10649-021-10096-3

Shanmugam P, Hidayat R (2022) Assessing grit and well-being of Malaysian ESL
teachers: application of the PERMA model. Malaysian ] Learn Instruct
19(2):153-181. https://doi.org/10.32890/mjli2022.19.2.6

Stillman G (2004) Strategies employed by upper secondary students for over-
coming or exploiting conditions affecting accessibility of applications tasks.
Math Educ Res J 16(1):41-71. https://doi.org/10.1007/bf03217390

Suaebah E, Mardiyana M, Saputro DRS (2020) How to analyze the students’
mathematization competencies in solving geometrical problems? J Phys Conf
Ser 1469(1):012169. https://doi.org/10.1088/1742-6596/1469/1/012169

Suh JM, Matson K, Seshaiyer P (2017) Engaging elementary students in the creative
process of mathematizing their world through mathematical modeling. Educ
Sci 7(2):62. https://doi.org/10.3390/educsci7020062

Tabachnick BG, Fidell LS (2013) Using multivariate statistics. Harper & Row

Tavakol M, Dennick R (2011) Making sense of Cronbach’s alpha. Int ] Med Educ
2:53-55. https://doi.org/10.5116/ijme.4dfb.8dfd

Toraman C, Orakci S, Aktan O (2020) Analysis of the relationships between
mathematics achievement, reflective thinking of problem solving and meta-
cognitive awareness. Int ] Progres Educ 16(2):72-90. https://doi.org/10.
29329/ijpe.2020.241.6

Treffers A (1978) Three dimensions. A model of goal and theory description in
mathematics instruction—the Wiskobas project. D. Reidel Publishing
Company

Treffers A, Goffree F (1985) Rational analysis of realistic mathematics education:
the Wiskobas program. In: Streefland L (ed.) Proceedings of the ninth annual
conference of the international group for the psychology of mathematics
education. OW&OC, p. 97-121

Veenman MV, Van Hout-Wolters BH, Afflerbach P (2006) Metacognition and
learning: conceptual and methodological considerations. Metacogn Learn
1:3-14. https://doi.org/10.1007/s11409-006-6893-0

Vorhélter K (2019) Enhancing metacognitive group strategies for modelling. ZDM
Math Educ 51(4):703-716. https://doi.org/10.1007/s11858-019-01055-7

Vorholter K (2021) Metacognition in mathematical modeling: the connection
between metacognitive individual strategies, metacognitive group strategies
and modeling competencies. Math Think Learn 1-18. https://doi.org/10.
1080/10986065.2021.2012740

Wendt L, Vorholter K, Kaiser G (2020) Teachers’ perspectives on students’
metacognitive strategies during mathematical modelling processes—a case
study. In: Stillman G, Kaiser G, Lampen C (eds) Mathematical modelling

| (2023)10:763 | https://doi.org/10.1057/541599-023-02290-w 1


https://doi.org/10.1088/1742-6596/1088/1/012089
https://doi.org/10.1088/1742-6596/1088/1/012089
https://doi.org/10.5951/mathteacher.110.5.0336
https://doi.org/10.1007/s10639-023-12157-x
https://doi.org/10.18421/TEM114-14
https://doi.org/10.18421/TEM114-14
https://doi.org/10.1016/j.heliyon.2020.e03800
https://doi.org/10.1371/journal.pone.0206211
https://doi.org/10.1371/journal.pone.0206211
https://doi.org/10.1007/BF02655889
https://doi.org/10.1007/BF02655889
https://doi.org/10.1007/BF02652813
https://doi.org/10.1007/978-94-007-6540-5_23
https://doi.org/10.1007/978-94-007-6540-5_23
https://doi.org/10.18421/tem123-17
https://doi.org/10.18421/tem123-17
https://doi.org/10.1080/10511970.2015.1027837
https://doi.org/10.1016/j.compedu.2019.05.001
https://doi.org/10.1023/A:1016282811724
https://doi.org/10.1027/1614-0001/a000355
https://doi.org/10.1057/s41599-022-01322-1
https://doi.org/10.54870/1551-3440.1481
https://doi.org/10.1207/S15327833MTL0502&3_01
https://doi.org/10.1207/S15327833MTL0502&3_01
https://doi.org/10.1093/teamat/hri021
https://doi.org/10.1007/bf02655885
https://doi.org/10.1088/1742-6596/824/1/012049
https://doi.org/10.22460/infinity.v9i1.p111-132
https://doi.org/10.3991/ijim.v17i14.39477
https://doi.org/10.3991/ijim.v17i14.39477
https://doi.org/10.1007/978-3-319-10121-7_2
https://doi.org/10.1007/978-3-319-10121-7_2
https://doi.org/10.1037/e650722011-001
https://doi.org/10.1037/e650722011-001
https://doi.org/10.3390/educsci10090213
https://doi.org/10.3390/educsci10090213
https://doi.org/10.1016/S0364-0213(83)80003-2
https://doi.org/10.1177/002205741619600202
https://doi.org/10.1006/ceps.1994.1033
https://doi.org/10.1007/978-3-030-20223-1_13
https://tinyurl.com/2vf34tbu
https://doi.org/10.1007/s10649-021-10096-3
https://doi.org/10.32890/mjli2022.19.2.6
https://doi.org/10.1007/bf03217390
https://doi.org/10.1088/1742-6596/1469/1/012169
https://doi.org/10.3390/educsci7020062
https://doi.org/10.5116/ijme.4dfb.8dfd
https://doi.org/10.29329/ijpe.2020.241.6
https://doi.org/10.29329/ijpe.2020.241.6
https://doi.org/10.1007/s11409-006-6893-0
https://doi.org/10.1007/s11858-019-01055-7
https://doi.org/10.1080/10986065.2021.2012740
https://doi.org/10.1080/10986065.2021.2012740

ARTICLE

education and sense-making: International perspectives on the teaching and
learning of mathematical modelling. Springer, p. 335-346

Wilson J, Clarke D (2004) Towards the modelling of mathematical metacognition.
Math Educ Res J 16(2):25-48. https://doi.org/10.1007/bf03217394

Yilmaz S, Dede TA (2016) Mathematization competencies of pre-service elemen-
tary mathematics teachers in the mathematical modelling process. Int ] Educ
Math Sci Technol 4(4):284. https://doi.org/10.18404/ijemst.39145

Yvain-Prébiski S, Chesnais A (2019) Horizontal mathematization: a potential lever
to overcome obstacles to the teaching of modelling. In: Jankevist UT, van den
Heuvel-Panhuizen M, Veldhuis M (eds) Eleventh congress of the European
Society for research in mathematics education (No. 28). Freudenthal Group;
Freudenthal Institute; ERME, p. 1284-1291

Zhang ], Xie H, Li H (2019) Improvement of students problem-solving skills
through project execution planning in civil engineering and construction
management education. Eng Constr Archit Manag 26(7):1437-1454. https://
doi.org/10.1108/ecam-08-2018-0321

Author contributions

The conception or design of the work: RH. The acquisition, analysis, or interpretation of
the data for the work; RH and Hermandra. Drafting the work or revising it critically for
important intellectual content; RH and STDY.

Competing interests
The authors declare no competing interests.

Ethical approval
The study had permission from the Department of Investment and Integrated One Stop
Services, Indonesia with number 503/DPMPTSP/NON IZIN-RISET/8323.

Informed consent

All selected samples were given a written informed consent letter. After receiving con-
firmation from the researcher regarding complete confidentiality and the explicit clar-
ification that their responses would be used exclusively for academic objectives, all 538
participants voluntarily participated in the study.

Additional information
Supplementary information The online version contains supplementary material
available at https://doi.org/10.1057/s41599-023-02290-w.

Correspondence and requests for materials should be addressed to Riyan Hidayat.

Reprints and permission information is available at http://www.nature.com/reprints

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
B

Attribution 4.0 International License, which permits use, sharing,
adaptation, distribution and reproduction in any medium or format, as long as you give
appropriate credit to the original author(s) and the source, provide a link to the Creative
Commons license, and indicate if changes were made. The images or other third party
material in this article are included in the article’s Creative Commons license, unless
indicated otherwise in a credit line to the material. If material is not included in the
article’s Creative Commons license and your intended use is not permitted by statutory
regulation or exceeds the permitted use, you will need to obtain permission directly from
the copyright holder. To view a copy of this license, visit http://creativecommons.org/
licenses/by/4.0/.

© The Author(s) 2023

| (2023)10:763 | https://doi.org/10.1057/541599-023-02290-w


https://doi.org/10.1007/bf03217394
https://doi.org/10.18404/ijemst.39145
https://doi.org/10.1108/ecam-08-2018-0321
https://doi.org/10.1108/ecam-08-2018-0321
https://doi.org/10.1057/s41599-023-02290-w
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/

	The sub-dimensions of metacognition and their influence on modeling competency
	Introduction
	Theoretical perspective
	Models and modeling perspective�(MMP)
	Mathematical modeling and mathematization
	Metacognition
	Relationship between metacognition and modeling competency
	Hypotheses

	Methodology
	Participants and�design
	Measures
	Strategy of data analyses

	Results
	Descriptive results
	Measurement�models
	Testing the hypothesized�models

	Discussion
	Conclusion
	Limitations and suggestions
	Data availability
	References
	References
	Author contributions
	Competing interests
	Additional information




