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No bidirectional relationship 
between sleep phenotypes 
and risk of proliferative diabetic 
retinopathy: a two‑sample 
Mendelian randomization study
Huan Liu 1,2, Lin Li 1,2, Xiaoning Zan 1 & Jing Wei 1*

This study aimed to investigate the probable existence of a causal relationship between sleep 
phenotypes and proliferative diabetic retinopathy (PDR). Single nucleotide polymorphisms 
associated with sleep phenotypes were selected as instrumental variables at the genome-wide 
significance threshold (P < 5 × 10−8). Inverse‐variance weighted was applied as the primary Mendelian 
randomization (MR) analysis method, and MR Egger regression, weighted median, simple mode, 
and weighted mode methods were used as complementary analysis methods to estimate the causal 
association between sleep phenotypes and PDR. Results indicated that genetically predicted sleep 
phenotypes had no causal effects on PDR risk after Bonferroni correction (P = 0.05/10) [Chronotype: 
P = 0.143; Daytime napping: P = 0.691; Daytime sleepiness: P = 0.473; Insomnia: P = 0.181; Long sleep 
duration: P = 0.671; Morning person:P = 0.113; Short sleep duration: P = 0.517; Obstructive sleep 
apnea: P = 0.091; Sleep duration: P = 0.216; and snoring: P = 0.014]. Meanwhile, there are no reverse 
causality for genetically predicted PDR on sleep phenotypes [Chronotype: P = 0.100; Daytime napping: 
P = 0.146; Daytime sleepiness: P = 0.469; Insomnia: P = 0.571; Long sleep duration: P = 0.779; Morning 
person: P = 0.040; Short sleep duration: P = 0.875; Obstructive sleep apnea: P = 0.628; Sleep duration: 
P = 0.896; and snoring: P = 0.047]. This study’s findings did not support the causal effect of between 
sleep phenotypes and PDR. Whereas, longitudinal studies can further verify results validation.

Keywords  Diabetic retinopathy, Sleep phenotypes, Mendelian randomization study, Single nucleotide 
polymorphisms, Causal relationship

Abbreviations
SNPs	� Single nucleotide polymorphisms
DR	� Diabetic retinopathy
PDR	� Proliferative diabetic retinopathy
IVW	� Inverse‐variance weighted
MR	� Mendelian randomization
OSA	� Obstructive sleep apnea
GWAS	� Genome-wide association studies
IEU	� Integrative epidemiology unit
LD	� Linkage disequilibrium
ORs	� Odds ratios
LDSC	� Linkage disequilibrium score regression
DME	� Diabetic macular edema

Diabetic retinopathy (DR) is the most common microvascular complication of diabetes and the leading cause 
of vision loss and blindness globally, with an overwhelming 103.12 million people with DR in 2020, which is 
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envisaged to rise to 160.50 million by 20451,2. DR is classified into two main clinical stages: non-proliferative 
diabetic retinopathy (NPDR) and proliferative diabetic retinopathy (PDR)3.

The pathogenesis of DR still needs to be better understood. Previous studies showed that retinal microvascular 
damage leading to vascular leakage and ischemia-induced retinal neovascularization plays an essential role in 
DR pathogenesis4,5. Hypertension, obesity, blood glucose level, glycated hemoglobin (Hb)A1c, hyperlipidemia, 
dietary style, exercise, and smoking are also involved in its development6,7. In addition, growing epidemiological 
evidence suggests that sleep disorders are becoming emerging risk factors DR8.

For example, obstructive sleep apnea (OSA), the most common type of sleep disorder, is characterized by 
repeated apneas and hypopneas during sleep, leading to hypoxia and hypercapnia, where, OSA was reported to 
be associated with an increased DR risk9–11. Similarly, both short (≤ 5 h/day) and long (≥ 9 h/day) sleep durations 
were also associated with an increased risk of DR in men12. However, studies investigating the role of OSA in 
DR have yielded conflicting results, where some studies studies even showed no association between OSA and 
DR13,14. Besides, considering the influence of selection biases, residual confounding, and reverse causality in 
observational studies, the causal effect between sleep disorders and the risk of DR is unclear.

Furthermore, the role of other sleep phenotypes such as daytime napping, sleepiness, chronotype, morning 
person, snoring, insomnia, sleep duration, short sleep duration, and long sleep duration in DR has yet to be 
extensively investigated. Revealing the causality of differential sleep phenotypes on DR might provide novel 
insights into the pathogenesis of diseases and devise future intervention studies.

Mendelian randomization (MR) is an emerging epidemiological method that uses genetic variants as instru-
mental variables to evaluate the causal relationship between exposures and outcomes and could reduce biases, 
residual confounding, and reverse causality15.

In the present study, to investigate the probable existence of a causal association between sleep phenotypes 
and PDR, a two-sample MR was performed to evaluate the associations between genetically predicted sleep 
phenotypes and PDR risk.

Methods
MR study design
A two-sample MR method was designed to estimate the magnitude of a causal effect of sleep phenotypes on 
PDR by using genetic variants as instrumental variables16. The overview of the study design is displayed in Fig. 1.

Data for exposure
The summary-level data used in the study were obtained from publicly available GWASs of European ancestry 
(Table 1). The GWAS data on self-reported daytime napping, and sleepiness, chronotype, morning person, 
insomnia, sleep duration (7–9 h/day), short sleep duration (< 7 h/day), and long sleep duration (> 9 h/day) were 
download from the Sleep Disorder Knowledge Portal website (https://​sleep.​hugea​mp.​org/​datas​ets.​html)17–21. 
The GWAS data on obstructive sleep apnea and snoring were derived from FinnGen (Risteys R9)22, and MRC 
Integrative Epidemiology Unit (IEU) (GWAS ID : ebi-a-GCST009761), respectively23,24.

Instrumental variable selection
Single-nucleotide polymorphisms (SNPs) associated with sleep phenotypes were selected as instrumental vari-
ables at the genome-wide significance threshold (P < 5 × 10−8). To mitigate against co-linearity between SNPs, 
linkage disequilibrium (LD) analysis was performed to select independent SNPs with r2 < 0.001 and the clumping 
window of 10, 000 kb. Besides, proxy SNPs were also excluded from follow-up analysis. To avoid the potential 
effects of weak instrument bias, the strength of the genetic instrument was evaluated by F-statistics, and variance 
was explained (R2)25,26. The values of F statistic > 10 were considered robust MR instruments. Moreover, Phe-
noScanner (http://​www.​pheno​scann​er.​medsc​hl.​cam.​ac.​uk/) was used to evaluate the association of instrumental 
variables with confounding or risk factors for outcomes. The statistical power calculations for the MR analysis 
was performed using an online tool at http://​cnsge​nomics.​com/​shiny/​mRnd/27.

Data for outcome
GWAS summary data on PDR from FinnGen comprised 9511 cases and 362 581 controls (Table 1)22. The 
FinnGen study is a large personalized medicine project covering 500,000 Finnish biobank participants, and aims 
to provide the evidence of genomic effect on human health. The overall statistical analysis of the FinnGen study 
have already been published22. PDR, characterized by the progression of retinal neovascularization, is defined as 
the most advanced stage of diabetic eye disease in ICD-10 (code: H36.03*). To further assess the robustness of 
PDR GWAS, the PDR GWAS data were re-analyzed in our study. More detailed demographic characteristics of 
the participants of the PDR GWAS data can be obtained at https://​r9.​riste​ys.​finng​en.​fi/​endpo​ints/​DM_​RETINA_​
PROLIF#​dialog-​view-​origi​nal-​rules.

Validation cohorts
To validate the reliability of the MR results in the FinnGen cohort, the GWAS data of insomnia and sleep dura-
tion in the UK Biobank subjects were retrieved from the IEU-OpenGWAS project (https://​gwas.​mrcieu.​ac.​uk/​
datas​ets/​ukb-b-​4424/, and https://​gwas.​mrcieu.​ac.​uk/​datas​ets/​ukb-b-​3957/ ).

Statistical analysis
A two-sample MR method was employed to evaluate the causal effects of sleep phenotypes on PDR. Results are 
presented as odds ratios (ORs) and 95% confidence intervals (CIs). IVW MR analysis with a random‐effects 

https://sleep.hugeamp.org/datasets.html)
http://www.phenoscanner.medschl.cam.ac.uk/
http://cnsgenomics.com/shiny/mRnd/
https://r9.risteys.finngen.fi/endpoints/DM_RETINA_PROLIF#dialog-view-original-rules
https://r9.risteys.finngen.fi/endpoints/DM_RETINA_PROLIF#dialog-view-original-rules
https://gwas.mrcieu.ac.uk/datasets/ukb-b-4424/
https://gwas.mrcieu.ac.uk/datasets/ukb-b-4424/
https://gwas.mrcieu.ac.uk/datasets/ukb-b-3957/
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model was applied as the primary MR analysis to estimate the causal association between the exposure and the 
outcome28. However, the IVW method is sensitive to invalid instrumental variables and pleiotropy29. Moreover, 
MR Egger regression, weighted median, simple mode, and weighted mode methods were employed as comple-
mentary analysis to test the consistency of causal estimates. The weighted median method provides consistent 
estimates, although half of the genetic variants are invalid instrumental variables29. The MR-Egger regression 
was applied to detect and adjust for pleiotropy, but the statistical power was low30. Bonferroni correction was 
used to adjust for multiple tests involving 10 sleep phenotypes. Statistical significance was defined as P < 0.005 
(significance level 0.05/10 MR tests) for all analysis.

Sensitivity analysis
To assess the potential violation of the MR assumptions, a series of MR sensitivity analysis was performed to test 
the stability and reliability of the results. Cochran Q test and the I2 statistic were used to evaluate the heterogene-
ity. A fixed-effects model was used in case of significant heterogeneity; otherwise, a random-effects model was 
used31. The MR-Egger regression method and the intercept test were performed to evaluate horizontal pleiotropy. 
Besides, the MR pleiotropy residual sum and outlier (MR-PRESSO) method was also applied to test for possible 
bias from horizontal pleiotropy and outlier variants removal32. A leave-one-out analysis was utilized for further 
sensitivity analysis. The MR Steiger test of directionality was performed to test the causal direction between sleep 
phenotypes and the PDR outcomes and remove SNPs that have a more significant association with the outcome 
than sleep phenotypes33.

Linkage disequilibrium score regression (LDSC)
LDSC was used to estimate the genetic correlations between sleep phenotypes and PDR outcomes34.

Primary analysis:
     Inverse variance weighted

Complementary analyses:
     MR Egger, Weighted median, 

     Simple mode, Weighted mode

Sensitive analyses: 
     Cochran Q test, MR-Egger intercept, MR-PRESSO

Direction validation (Steiger direction test)
Confounding analysis 
LDSC regression 
Colocalization analysis

Assumption1

Assumption3

Assumption2
Confounders

1. SNPs are associated with 

exposure at P < 5E -08.

2. Exclude SNPs in  linkage 

disequilibrium (r2 < 0.001).

3. F-statistics > 10.

Genetic instruments
              SNP1

              SNP2

                …

              SNPn
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Figure 1.   The overview of the MR study design. MR study is based on three main assumptions. Assumption 
1: The genetic variants selected as instrumental variables should be associated with the risk factor. Assumption 
2: Genetic variants used as instrumental variables should not be associated with known confounding factors. 
Assumption 3: The used genetic variants as instrumental variables should influence the risk of the outcome only 
via exposure.



4

Vol:.(1234567890)

Scientific Reports |         (2024) 14:9585  | https://doi.org/10.1038/s41598-024-60446-3

www.nature.com/scientificreports/

Colocalization analysis
Colocalization analysis, a Bayesian-based method, provides five posterior probabilities for these hypotheses 
(PPH0: no causal variants for either trait; PPH1: a causal variant for trait 1; PPH2: a causal variant for trait 2; 
PPH3: two different causal variants for trait 1 and trait 2; and PPH4: a shared causal variant between two traits)35. 
Colocalization analysis was performed to examine whether sleep phenotypes and PDR share a common causal 
variant in a given region. For each of these sleep phenotypes and PDR pairs, the genomic region extending 
1000 kb on both sides of the lead sleep phenotypes variant was used, and PPH4 > 75% was considered to have 
strong colocalization evidence.

Reverse MR analysis
To further investigate whether there is genetic evidence for a reverse causal effect of PDR on sleep phenotypes, 
a bi-directional MR analysis was performed with PDR as exposure and sleep phenotypes as outcomes.

Statistical analysis and analysis software
This MR study followed the guidelines for strengthening the reporting of observational studies in epidemiol-
ogy–MR (STROBE-MR)36. Statistical analyses were performed in R (version 4.1.2) Software, and MR analysis was 
performed using the TwoSampleMR package, and MR-PRESSO analysis was performed using the MRPRESSO 
package32,37. Colocalization analysis was used the Coloc package35.

Ethical approval and consent to participate
All participating studies of GWAS have obtained approval from relevant institutional review boards, and written 
informed consent was received from all subjects. Summary-level data in our study are publicly available. The 
Medical Ethics Committee of The First Affiliated Hospital of Henan University of Science and Technology ruled 
that no formal ethics approval was required for this study.

Table 1.   The summary-level data used in the study. PDR, proliferative diabetic retinopathy; CV, continuity 
variables; DV, dichotomous variable; VEP, variance explained; PMID, Pubmed ID.

Exposure and outcome Consortium Category Cases Controls Total Used SNPs VEP F statistic PMID DOI/URL

Chronotype UK Biobank CV 449,734 – 449,734 122 1.264 46.591 (28.834–209.387) 3069
6823

https://​perso​nal.​broad​insti​
tute.​org/​ryank/​sleep​durat​
ionsu​mstats.​txt.​zip

Daytime napping UK Biobank DV 196,895 255,738 452,633 77 0.788 46.307 (29.852–217.432) 3356
8662

https://​perso​nal.​broad​insti​
tute.​org/​ryank/​Saxena_​fullU​
KBB_​Dayti​menap​ping_​
summa​ry_​stats.​zip

Daytime sleepiness UK Biobank DV 104,786 347,285 452,071 25 0.233 42.118 (30.105–117.438) 3140
9809

https://​perso​nal.​broad​insti​
tute.​org/​ryank/​Saxena.​fullU​
KBB.​Dayti​meSle​epine​ss.​
sumst​ats.​zip

Insomnia UK Biobank DV 108,357 345,022 453,379 28 0.265 42.84 (29.241–181.158) 3080
4566

https://​perso​nal.​broad​insti​
tute.​org/​ryank/​Saxena_​fullU​
KBB_​Insom​nia_​summa​ry_​
stats.​zip

Long sleep duration UK Biobank DV 34,184 305,742 339,926 6 0.055 41.135 (29.889–52.982) 3084
6698

https://​perso​nal.​broad​insti​
tute.​org/​ryank/​longs​umsta​
ts.​txt.​zip

Morning person UK Biobank DV 252,287 150,908 403,195 99 1.099 44.758 (29.019–168.521) 3069
6823

https://​perso​nal.​broad​insti​
tute.​org/​ryank/​morni​ng_​
person_​BOLT.​output_​HRC.​
only_​plus.​metri​cs_​maf0.​
001_​hwep1​em12_​info0.3_​
logORs.​txt.​gz

Short sleep duration UK Biobank DV 106,192 305,742 411,934 16 0.137 38.324 (29.901–77.041) 3084
6698

https://​perso​nal.​broad​insti​
tute.​org/​ryank/​short​sumst​
ats.​txt.​zip

Obstructive sleep apnea FinnGen DV 16,761 201,194 217,955 12 0.110 34.478 (30.085–42.202) 3324
3845

https://​gwas.​mrcieu.​ac.​uk/​
datas​ets/​finn-b-​G6 _SLEE-
PAPNO/

Sleep duration UK Biobank CV 446,118 – 446,118 47 0.429 40.734 (30.214–220.873) 3084
6698

https://​perso​nal.​broad​insti​
tute.​org/​ryank/​sleep​durat​
ionsu​mstats.​txt.​zip

Snoring UK Biobank DV 151,836 255,230 407,066 20 0.204 41.497 (29.898–74.508) 3206
0260

https://​gwas.​mrcieu.​ac.​uk/​
files/​ebi-a-​GCST0​09761/​ebi-
a-​GCST0​09761.​vcf.​gz

PDR FinnGen DV 9,511 362,581 372,092 6 0.122 75.672 (38.742–175.766) 3665
3562

https://​stora​ge.​googl​eapis.​
com/​finng​en-​public-​data-​
r9/​summa​ry_​stats/​finng​
en_​R9_​DM_​RETINA_​
PROLIF.​gz

https://personal.broadinstitute.org/ryank/sleepdurationsumstats.txt.zip
https://personal.broadinstitute.org/ryank/sleepdurationsumstats.txt.zip
https://personal.broadinstitute.org/ryank/sleepdurationsumstats.txt.zip
https://personal.broadinstitute.org/ryank/Saxena_fullUKBB_Daytimenapping_summary_stats.zip
https://personal.broadinstitute.org/ryank/Saxena_fullUKBB_Daytimenapping_summary_stats.zip
https://personal.broadinstitute.org/ryank/Saxena_fullUKBB_Daytimenapping_summary_stats.zip
https://personal.broadinstitute.org/ryank/Saxena_fullUKBB_Daytimenapping_summary_stats.zip
https://personal.broadinstitute.org/ryank/Saxena.fullUKBB.DaytimeSleepiness.sumstats.zip
https://personal.broadinstitute.org/ryank/Saxena.fullUKBB.DaytimeSleepiness.sumstats.zip
https://personal.broadinstitute.org/ryank/Saxena.fullUKBB.DaytimeSleepiness.sumstats.zip
https://personal.broadinstitute.org/ryank/Saxena.fullUKBB.DaytimeSleepiness.sumstats.zip
https://personal.broadinstitute.org/ryank/Saxena_fullUKBB_Insomnia_summary_stats.zip
https://personal.broadinstitute.org/ryank/Saxena_fullUKBB_Insomnia_summary_stats.zip
https://personal.broadinstitute.org/ryank/Saxena_fullUKBB_Insomnia_summary_stats.zip
https://personal.broadinstitute.org/ryank/Saxena_fullUKBB_Insomnia_summary_stats.zip
https://personal.broadinstitute.org/ryank/longsumstats.txt.zip
https://personal.broadinstitute.org/ryank/longsumstats.txt.zip
https://personal.broadinstitute.org/ryank/longsumstats.txt.zip
https://personal.broadinstitute.org/ryank/morning_person_BOLT.output_HRC.only_plus.metrics_maf0.001_hwep1em12_info0.3_logORs.txt.gz
https://personal.broadinstitute.org/ryank/morning_person_BOLT.output_HRC.only_plus.metrics_maf0.001_hwep1em12_info0.3_logORs.txt.gz
https://personal.broadinstitute.org/ryank/morning_person_BOLT.output_HRC.only_plus.metrics_maf0.001_hwep1em12_info0.3_logORs.txt.gz
https://personal.broadinstitute.org/ryank/morning_person_BOLT.output_HRC.only_plus.metrics_maf0.001_hwep1em12_info0.3_logORs.txt.gz
https://personal.broadinstitute.org/ryank/morning_person_BOLT.output_HRC.only_plus.metrics_maf0.001_hwep1em12_info0.3_logORs.txt.gz
https://personal.broadinstitute.org/ryank/morning_person_BOLT.output_HRC.only_plus.metrics_maf0.001_hwep1em12_info0.3_logORs.txt.gz
https://personal.broadinstitute.org/ryank/shortsumstats.txt.zip
https://personal.broadinstitute.org/ryank/shortsumstats.txt.zip
https://personal.broadinstitute.org/ryank/shortsumstats.txt.zip
https://gwas.mrcieu.ac.uk/datasets/finn-b-G6
https://gwas.mrcieu.ac.uk/datasets/finn-b-G6
https://personal.broadinstitute.org/ryank/sleepdurationsumstats.txt.zip
https://personal.broadinstitute.org/ryank/sleepdurationsumstats.txt.zip
https://personal.broadinstitute.org/ryank/sleepdurationsumstats.txt.zip
https://gwas.mrcieu.ac.uk/files/ebi-a-GCST009761/ebi-a-GCST009761.vcf.gz
https://gwas.mrcieu.ac.uk/files/ebi-a-GCST009761/ebi-a-GCST009761.vcf.gz
https://gwas.mrcieu.ac.uk/files/ebi-a-GCST009761/ebi-a-GCST009761.vcf.gz
https://storage.googleapis.com/finngen-public-data-r9/summary_stats/finngen_R9_DM_RETINA_PROLIF.gz
https://storage.googleapis.com/finngen-public-data-r9/summary_stats/finngen_R9_DM_RETINA_PROLIF.gz
https://storage.googleapis.com/finngen-public-data-r9/summary_stats/finngen_R9_DM_RETINA_PROLIF.gz
https://storage.googleapis.com/finngen-public-data-r9/summary_stats/finngen_R9_DM_RETINA_PROLIF.gz
https://storage.googleapis.com/finngen-public-data-r9/summary_stats/finngen_R9_DM_RETINA_PROLIF.gz
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Results
Genetic instruments
In the present study, 122/77/25/28/6/99/16/12/47/20 SNPs were selected as genetic instruments for sleep phe-
notypes (Chronotype/Daytime napping/Daytime sleepiness/Insomnia/Long sleep duration/Morning person/
Short sleep duration/Obstructive sleep apnea/Sleep duration/Snoring). The F statistics for all genetic instruments 
were > 10 (Table 1). Summary statistics data for the SNPs–exposure associations are presented in Supplemen-
tary Table 1. The six locus polymorphisms are significantly associated with PDR (P < 5 × 10−8) (Supplementary 
Table 2). Manhattan and QQ plots are shown in Supplementary Fig. 1A and B. Power analysis indicated all MR 
analysis were sufficiently powered (Supplementary Table 3).

MR analysis of sleep phenotypes on PDR risks
Two-sample MR analysis was initially performed to evaluate the causal effect of sleep phenotypes on PDR. Based 
on the IVW analysis results before Bonferroni correction, genetic predisposition to snoring was associated 
with increased risk of PDR (OR = 4.087 (95% CI 1.326–12.595), P = 0.014). In contrast, genetically predicted 
chronotype(OR = 0.890, 95% CI 0.761–1.040, P = 0.143), daytime napping (OR = 1.104, 95% CI 0.677–1.802, 
P = 0.691), daytime sleepiness (OR = 1.407, 95% CI 0.554–3.569, P = 0.473), insomnia (OR = 1.499, 95% CI 
0.828–2.716, P = 0.181), long sleep duration (OR = 0.502, 95% CI 0.021–12.032, P = 0.671), morning person 
(OR = 0.918, 95% CI 0.826–1.020, P = 0.113), short sleep duration (OR = 1.545, 95% CI 0.415–5.752, P = 0.517), 
obstructive sleep apnea (OR = 1.206, 95% CI 0.971–1.498, P = 0.091), sleep duration (OR = 0.805, 95% CI 
0.570–1.13, P = 0.216) were not causally associated with PDR risk. However, no causal relationship existed 
between genetically predicted sleep phenotypes and PDR after Bonferroni correction (Fig. 2).

Sensitivity analysis
According to Cochran’s Q test of heterogeneity using the IVW method, there was evidence of heterogeneity 
among individual SNP effect estimates in daytime napping on PDR (Q = 107.023, I2 = 29%, P = 0.011, Table 2). 
Therefore, a fixed-effects IVW model would be implemented. Similarly, there was no causal association between 
genetically predicted daytime napping and PDR (OR = 1.104, 95% CI 0.731–1.668, P = 0.638). Moreover, no 
evidence for horizontal pleiotropy was observed using the MR-Egger regression method (P > 0.05, Table 2). Addi-
tionally, the MR-PRESSO outlier test detected potential outliers, and re-analysis was carried out after removing 
outliers from genetic instruments. Furthermore, a leave-one-out analysis was also performed, and the results 
are presented in Supplementary Fig. 2.

Direction validation and confounders
Steiger direction test was performed to examine whether there was reverse causality between sleep phenotypes 
and PDR, where the results did not support the existence of reverse causal effects between the two. Some SNPs 
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Figure 2.   The causal effect of genetically predicted sleep phenotypes on the risk of PDR.



6

Vol:.(1234567890)

Scientific Reports |         (2024) 14:9585  | https://doi.org/10.1038/s41598-024-60446-3

www.nature.com/scientificreports/

were associated with the known confounders (body mass index, glucose, diabetes, alcohol, smoking, cholesterol, 
triglycerides, high-density lipoprotein, low-density lipoprotein, blood pressure, insulin, and obesity), which were 
excluded from further analysis.

Results of genetic correlation analysis
The LDSC analysis results do not indicate any evidence for a genetic correlation between sleep phenotypes 
and PDR (Chronotype: rg = 0.0132, se = 0.0538, P = 0.8068; Daytime napping: rg = 0.0460, se = 0.0568, P = 0.4172; 
Daytime sleepiness: rg = 0.1022, se = 0.0601, P = 0.089; Insomnia: rg = 0.0789, se = 0.0555, P = 0.1551; Long sleep 
duration: rg = − 0.0003, se = 0.0817, P = 0.9971; Morning person: rg = 0.0115, se = 0.0564, P = 0.8390; Short sleep 
duration: rg = 0.0905, se = 0.0637, P = 0.1557; Obstructive sleep apnea: rg = 0.1387, se = 0.0697, P = 0.0465; Sleep 
duration: rg = − 0.0578, se = 0.0629, P = 0.3576; Snoring: rg = 0.0482, se = 0.0578, P = 0.4045) (Table 3).

Results of genetic colocalization analysis
The colocalization analysis results suggested that sleep phenotypes and PDR were unlikely to share a causal 
variant within the same locus. (Chronotype: PPH4 = 2%; Daytime napping: PPH4 = 4%; Daytime Sleepiness: 
PPH4 = 3%; Insomnia: PPH4 = 4%; Long sleep duration: PPH4 = 1%; Morning person: PPH4 = 2%; Short sleep 
duration: PPH4 = 1%; Obstructive sleep apnea: PPH4 = 1%; Sleep duration: PPH4 = 1%; Snoring: PPH4 = 40%) 
(Table 4 and Fig. 3).

Results of MR analysis in the UK subjects
We replicated the MR analysis on the UK Biobank cohort. Genetically predicted insomnia (OR = 1.304, 95% CI 
0.810–2.099, P = 0.275), sleep duration (OR = 0.846, 95% CI 0.581–1.231, P = 0.382) were not causally associated 
with PDR risk based on IVW analysis (Supplementary Table 4).

Results of reverse MR analysis
The results of an inverse MR analysis showed no causal association between PDR and sleep phenotypes (Fig. 4).

Table 2.   Heterogeneity and horizontal pleiotropy analyses between sleep phenotypes and PDR. Q, Cochran’s 
Q value.

Exposure

Heterogeneity Horizontal pleiotropy

MR PRESSO global test P valueQ P value I2 Intercept Se P value

Chronotype 146.419 0.058 0.174 0.004 0.005 0.449 0.059

Daytime napping 107.023 0.011 0.290 0.007 0.009 0.452 0.014

Daytime Sleepiness 25.709 0.368 0.066 0.006 0.017 0.714 0.345

Insomnia 24.956 0.577 − 0.082 − 0.014 0.009 0.118 0.561

Long sleep duration 5.049 0.410 0.010 0.017 0.035 0.644 0.530

Morning person 117.045 0.092 0.163 0.005 0.006 0.371 0.095

Short sleep duration 16.126 0.374 0.070 − 0.009 0.024 0.719 0.376

Obstructive sleep apnea 15.314 0.169 0.282 0.016 0.023 0.497 0.186

Sleep duration 60.779 0.071 0.243 − 0.004 0.011 0.710 0.076

Snoring 25.424 0.147 0.253 − 0.033 0.021 0.134 0.177

Table 3.   Genetic correlations between sleep phenotypes and PDR.

Exposure Outcome rg rg_se rg_p

Chronotype Proliferative diabetic retinopathy 0.013 0.054 0.807

Daytime napping Proliferative diabetic retinopathy 0.046 0.057 0.417

Daytime sleepiness Proliferative diabetic retinopathy 0.102 0.060 0.089

Insomnia Proliferative diabetic retinopathy 0.079 0.056 0.155

Long sleep Proliferative diabetic retinopathy 0.000 0.082 0.997

Morning person Proliferative diabetic retinopathy 0.012 0.056 0.839

Short sleep Proliferative diabetic retinopathy 0.091 0.064 0.156

Sleep apnoea Proliferative diabetic retinopathy 0.139 0.070 0.047

Sleep duration Proliferative diabetic retinopathy − 0.058 0.063 0.358

Snoring Proliferative diabetic retinopathy 0.048 0.058 0.405
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Discussion
The current study explored the bidirectional causal association between sleep phenotypes and PDR, and SNP-
based genetic correlation was evaluated. Results suggested no evidence of causal associations of daytime nap-
ping, daytime sleepiness, chronotype, morning person, insomnia, sleep duration, short, and long sleep duration, 
obstructive sleep apnea, snoring, and PDR. Additionally, the sensitivity analysis revealed cemented the robustness 
and reliability of the results. The genetic correlation analysis also did not provide strong evidence supporting a 
causal association between sleep phenotypes and PDR, further supported by the lack of sharing a common causal 

Table 4.   Genetic colocalization analysis between sleep phenotypes and PDR.

Exposure PP.H0.abf PP.H1.abf PP.H2.abf PP.H3.abf PP.H4.abf

Chronotype 1.78E-41 0.39 2.67E-41 0.59 0.02

Daytime napping 1.14E-42 0.72 3.91E-43 0.25 0.04

Daytime sleepiness 3.72E-20 0.71 1.37E-20 0.26 0.03

Insomnia 2.16E-34 0.71 7.62E-35 0.25 0.04

Long sleep duration 1.02E-06 0.83 1.95E-07 0.16 0.01

Morning person 9.65E-33 0.39 1.45E-32 0.59 0.02

Short sleep duration 6.82E-12 0.84 1.29E-12 0.16 0.01

Obstructive sleep apnea 3.74E-21 0.57 2.81E-21 0.43 0.01

Sleep duration 1.65E-43 0.83 3.12E-44 0.16 0.01

Snoring 2.45E-12 0.28 2.78E-12 0.32 0.40

Figure 3.   Genetic colocalization analysis between sleep phenotypes and PDR.
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variant in colocalization analysis results. This is the first study to evaluate the effects of genetically predicted sleep 
phenotypes and PDR using MR analysis.

Moreover, this study did not provide any evidence regarding genetically predicted sleep phenotypes playing 
a role in the increased PDR risk, which was contrary to several previous observational studies. Tan et al.’ study 
reported that short and long sleep duration increased the risk of DR compared to normal sleep duration38. Simi-
larly, a longitudinal study on 230 recruited diabetes type 2 patients found that obstructive sleep apnea was an 
independent risk factor for DR39. Besides, a retrospective observational study also identified severe obstructive 
sleep apnea associated with a higher prevalence of DR, proliferative DR, and diabetic macular edema (DME)40. 
Daytime sleepiness was also reported to be associated with vision-threatening DR, and insomnia as well to be 
associated with increased susceptibility to DR, vision-threatening DR, and DME38,41. In addition, An observa-
tional study found that OSA diagnosed by questionnaires and diagnosis codes was not significantly associated 
with DR, while OSA diagnosed by objective sleep assessments was significantly associated with DR42.

However, several controversial results also have been reported by relevant studies. Raman et al. confirmed 
that short and long sleep duration are not risk factors for DR in women and men43. The prospective case–con-
trol study and meta-analysis results also suggested that obstructive sleep apnea was not associated with DR44,45.

The effect of snoring, daytime napping, chronotype, and morning person on PDR has been negligibly studied. 
The novelty of our work lies for the first time in reporting no causal effects of these sleep phenotypes on PDR.

Furthermore, our results also conflict with previous observational studies regarding the relationship between 
sleep phenotypes and PDR. However, most previous studies were prospective or retrospective cohorts and 
cross‐sectional studies, given the nature of the observational, selection bias and unmeasured confounders can-
not be excluded and causality cannot be determined. Mendelian randomization could reduce the influence of 
unknown or unmeasured confounders. Confounding factors may explain the findings between the present study 
and previous observational studies. For example, the role of the gut-retina" axis in DR has increasingly been 
recognized46. Sleep disorders can affect the composition of the intestinal microbiota47. A recent MR study has 
demonstrated that gut microbiota positively affects DR48. Sleep phenotypes might result in DR by modulating 
the intestinal microbiota49. In addition, inflammation may be a potential confounder factor for previous obser-
vational studies since it plays a fundamental role in DR pathogenesis by disrupting the retinal blood barrier50. 
Sleep phenotypes might indirectly participate in the prevalence of DR by modulating insulin sensitivity and 
affecting blood glucose levels51. In addition, Sleep rhythm disorders could lead to chronic metabolic disorders 
of melatonin. The melatonin levels of the DR group were significantly lower than those of the no-DR group42. 
Melatonin could significantly reduce the inflammatory markers levels of tumor necrosis factor-α, interleukin-1β, 
and inducible nitric oxide synthase (iNOS) in DR52. Sleep phenotypes may indirectly affect the occurrence and 
development of DR by regulating the level of melatonin. Our results further emphasize the need to explore the 
potential causal association between sleep phenotypes and PDR.
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Figure 4.   The causal effect of genetically predicted PDR on the risk of sleep phenotypes.
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Our results were robust and reliable, along with detecting heterogeneity and horizontal pleiotropy results 
via sensitivity analysis. In addition, leave-one-out analysis was used to validate the effect of a single SNP on the 
causal relationship between sleep phenotypes and PDR. MR-PRESSO method was performed to recognize and 
remove outlying SNPs that might cause horizontal pleiotropy effects. The sample size was sufficiently large to 
provide enough power for the statistical analysis in this study. Our results were unlikely to suffer weak instrument 
bias because the F-statistics for the instrumental variables were > 10. Moreover, the PhenoScanner database was 
also used to detect potential pleiotropic SNPs. Body mass index, glucose, diabetes, alcohol, smoking, choles-
terol, triglycerides, high-density lipoprotein, low-density lipoprotein, blood pressure, insulin, and obesity were 
considered as potential confounders in this study53,54.

This study had several strengths. First, gene variants were used as instrumental variables to infer causal rela-
tionships between sleep phenotypes and PDR, which reduced the effect of confounders and reverse causation. 
Second, the impact of snoring, daytime napping, chronotype, and morning person on PDR risk was reported for 
the first time in this stud. Third, SNPs as instrumental variables were derived from large-scale GWASs, providing 
reliable estimates for the causal relationships between sleep phenotypes and PDR and less vulnerability to weak 
instrumental bias. We further validated our results using genetic correlation analysis and colocalization analysis.

However, our study also had several limitations. First, Sleep phenotypes in different human populations 
may have different genetic underpinnings. In a recent genome-wide association study (GWAS) meta-analysis 
for sleep duration, Takeshi et al.55 reported that PAX8 and VRK2 gene polymorphisms were not associated 
with sleep duration in Japanese individuals but were associated with sleep duration in the UK population. Our 
study was mainly based on Europeans, indicating that results may not be generalizable to other ethnic groups, 
necessitating validation in different populations. Second, most of the GWAS data on the sleep phenotypes were 
derived from self-reported questionnaire results. This may lead to exposure misclassification and potential bias. 
Thus, further prospective sleep evaluation using objective sleep parameters is warranted to understand better 
the relationship between sleep phenotypes and the risk of PDR. Finally. Although the samples of exposures and 
outcomes are from different cohorts, there is a potential overlap between exposures and outcomes, leading to 
the possibility of results bias.

Conclusion
Our study did not support the causal effect between sleep phenotypes and PDR. Further longitudinal studies 
are warranted to validate the findings. In addition, the impact effect of sleep phenotypes diagnosed by clinicians 
and PDR needs to be investigated in the future.

Data availability
All data generated or analyzed during this study are included in this published article. The raw data can be 
obtained from the IEU Open GWAS database (https://​gwas.​mrcieu.​ac.​uk/) and the Sleep Disorder Knowledge 
Portal project (https://​sleep.​hugea​mp.​org/​datas​ets.​html).

Received: 29 October 2023; Accepted: 23 April 2024

References
	 1.	 Teo, Z. L. et al. Global prevalence of diabetic retinopathy and projection of burden through 2045: Systematic review and meta-

analysis. Ophthalmology 128, 1580–1591. https://​doi.​org/​10.​1016/j.​ophtha.​2021.​04.​027 (2021).
	 2.	 Cheung, N., Mitchell, P. & Wong, T. Y. Diabetic retinopathy. Lancet (London, England) 376, 124–136. https://​doi.​org/​10.​1016/​

s0140-​6736(09)​62124-3 (2010).
	 3.	 Mohammed, S. et al. Density-based classification in diabetic retinopathy through thickness of retinal layers from optical coherence 

tomography. Sci. Rep. 10, 15937. https://​doi.​org/​10.​1038/​s41598-​020-​72813-x (2020).
	 4.	 Tang, J. & Kern, T. S. Inflammation in diabetic retinopathy. Prog. Retin. Eye Res. 30, 343–358. https://​doi.​org/​10.​1016/j.​prete​yeres.​

2011.​05.​002 (2011).
	 5.	 Durham, J. T. & Herman, I. M. Microvascular modifications in diabetic retinopathy. Curr. Diabetes Rep. 11, 253–264. https://​doi.​

org/​10.​1007/​s11892-​011-​0204-0 (2011).
	 6.	 Wat, N., Wong, R. L. & Wong, I. Y. Associations between diabetic retinopathy and systemic risk factors. Hong Kong Med. J. 22, 

589–599. https://​doi.​org/​10.​12809/​hkmj1​64869 (2016).
	 7.	 Jenkins, A. J. et al. Biomarkers in diabetic retinopathy. Rev. Diabet. Stud. RDS 12, 159–195. https://​doi.​org/​10.​1900/​rds.​2015.​12.​

159 (2015).
	 8.	 Lee, S. S. Y., Nilagiri, V. K. & Mackey, D. A. Sleep and eye disease: A review. Clin. Exp. Ophthalmol. 50, 334–344. https://​doi.​org/​

10.​1111/​ceo.​14071 (2022).
	 9.	 Katsoulis, K. et al. Total antioxidant status in patients with obstructive sleep apnea without comorbidities: The role of the severity 

of the disease. Sleep Breath. Schlaf Atmung 15, 861–866. https://​doi.​org/​10.​1007/​s11325-​010-​0456-y (2011).
	10.	 Sateia, M. J. International classification of sleep disorders-third edition: Highlights and modifications. Chest 146, 1387–1394. 

https://​doi.​org/​10.​1378/​chest.​14-​0970 (2014).
	11.	 Zhu, Z. et al. Relationship of obstructive sleep apnoea with diabetic retinopathy: A meta-analysis. BioMed Res. Int. 2017, 4737064. 

https://​doi.​org/​10.​1155/​2017/​47370​64 (2017).
	12.	 Jee, D., Keum, N., Kang, S. & Arroyo, J. G. Sleep and diabetic retinopathy. Acta Ophthalmol. 95, 41–47. https://​doi.​org/​10.​1111/​

aos.​13169 (2017).
	13.	 Banerjee, D. et al. The potential association between obstructive sleep apnea and diabetic retinopathy in severe obesity-the role of 

hypoxemia. PloS One 8, e79521. https://​doi.​org/​10.​1371/​journ​al.​pone.​00795​21 (2013).
	14.	 Zhang, P. et al. The prevalence and characteristics of obstructive sleep apnea in hospitalized patients with type 2 diabetes in China. 

J. Sleep Res. 25, 39–46. https://​doi.​org/​10.​1111/​jsr.​12334 (2016).
	15.	 Burgess, S., Butterworth, A. & Thompson, S. G. Mendelian randomization analysis with multiple genetic variants using summarized 

data. Genet. Epidemiol. 37, 658–665. https://​doi.​org/​10.​1002/​gepi.​21758 (2013).
	16.	 Lawlor, D. A., Harbord, R. M., Sterne, J. A., Timpson, N. & Davey Smith, G. Mendelian randomization: Using genes as instruments 

for making causal inferences in epidemiology. Stat. Med. 27, 1133–1163. https://​doi.​org/​10.​1002/​sim.​3034 (2008).

https://gwas.mrcieu.ac.uk/
https://sleep.hugeamp.org/datasets.html
https://doi.org/10.1016/j.ophtha.2021.04.027
https://doi.org/10.1016/s0140-6736(09)62124-3
https://doi.org/10.1016/s0140-6736(09)62124-3
https://doi.org/10.1038/s41598-020-72813-x
https://doi.org/10.1016/j.preteyeres.2011.05.002
https://doi.org/10.1016/j.preteyeres.2011.05.002
https://doi.org/10.1007/s11892-011-0204-0
https://doi.org/10.1007/s11892-011-0204-0
https://doi.org/10.12809/hkmj164869
https://doi.org/10.1900/rds.2015.12.159
https://doi.org/10.1900/rds.2015.12.159
https://doi.org/10.1111/ceo.14071
https://doi.org/10.1111/ceo.14071
https://doi.org/10.1007/s11325-010-0456-y
https://doi.org/10.1378/chest.14-0970
https://doi.org/10.1155/2017/4737064
https://doi.org/10.1111/aos.13169
https://doi.org/10.1111/aos.13169
https://doi.org/10.1371/journal.pone.0079521
https://doi.org/10.1111/jsr.12334
https://doi.org/10.1002/gepi.21758
https://doi.org/10.1002/sim.3034


10

Vol:.(1234567890)

Scientific Reports |         (2024) 14:9585  | https://doi.org/10.1038/s41598-024-60446-3

www.nature.com/scientificreports/

	17.	 Dashti, H. S. et al. Genetic determinants of daytime napping and effects on cardiometabolic health. Nat. Commun. 12, 900. https://​
doi.​org/​10.​1038/​s41467-​020-​20585-3 (2021).

	18.	 Wang, H. et al. Genome-wide association analysis of self-reported daytime sleepiness identifies 42 loci that suggest biological 
subtypes. Nat. Commun. 10, 3503. https://​doi.​org/​10.​1038/​s41467-​019-​11456-7 (2019).

	19.	 Jones, S. E. et al. Genome-wide association analyses of chronotype in 697,828 individuals provides insights into circadian rhythms. 
Nat. Commun. 10, 343. https://​doi.​org/​10.​1038/​s41467-​018-​08259-7 (2019).

	20.	 Lane, J. M. et al. Biological and clinical insights from genetics of insomnia symptoms. Nat. Genet. 51, 387–393. https://​doi.​org/​10.​
1038/​s41588-​019-​0361-7 (2019).

	21.	 Dashti, H. S. et al. Genome-wide association study identifies genetic loci for self-reported habitual sleep duration supported by 
accelerometer-derived estimates. Nat. Commun. 10, 1100. https://​doi.​org/​10.​1038/​s41467-​019-​08917-4 (2019).

	22.	 Kurki, M. I. et al. FinnGen provides genetic insights from a well-phenotyped isolated population. Nature 613, 508–518. https://​
doi.​org/​10.​1038/​s41586-​022-​05473-8 (2023).

	23.	 Strausz, S. et al. Genetic analysis of obstructive sleep apnoea discovers a strong association with cardiometabolic health. Eur. Respir. 
J. https://​doi.​org/​10.​1183/​13993​003.​03091-​2020 (2021).

	24.	 Campos, A. I. et al. Insights into the aetiology of snoring from observational and genetic investigations in the UK Biobank. Nat. 
Commun. 11, 817. https://​doi.​org/​10.​1038/​s41467-​020-​14625-1 (2020).

	25.	 Burgess, S. & Thompson, S. G. Avoiding bias from weak instruments in Mendelian randomization studies. Int. J. Epidemiol. 40, 
755–764. https://​doi.​org/​10.​1093/​ije/​dyr036 (2011).

	26.	 Pierce, B. L., Ahsan, H. & Vanderweele, T. J. Power and instrument strength requirements for Mendelian randomization studies 
using multiple genetic variants. Int. J. Epidemiol. 40, 740–752. https://​doi.​org/​10.​1093/​ije/​dyq151 (2011).

	27.	 Brion, M. J., Shakhbazov, K. & Visscher, P. M. Calculating statistical power in Mendelian randomization studies. Int. J. Epidemiol. 
42, 1497–1501. https://​doi.​org/​10.​1093/​ije/​dyt179 (2013).

	28.	 Lee, C. H., Cook, S., Lee, J. S. & Han, B. Comparison of two meta-analysis methods: Inverse-variance-weighted average and 
weighted sum of Z-scores. Genom. Inform. 14, 173–180. https://​doi.​org/​10.​5808/​gi.​2016.​14.4.​173 (2016).

	29.	 Bowden, J., Davey Smith, G., Haycock, P. C. & Burgess, S. Consistent estimation in Mendelian randomization with some invalid 
instruments using a weighted median estimator. Genet. Epidemiol. 40, 304–314. https://​doi.​org/​10.​1002/​gepi.​21965 (2016).

	30.	 Bowden, J. et al. Assessing the suitability of summary data for two-sample Mendelian randomization analyses using MR-Egger 
regression: The role of the I2 statistic. Int. J. Epidemiol. 45, 1961–1974. https://​doi.​org/​10.​1093/​ije/​dyw220 (2016).

	31.	 Higgins, J. P. & Thompson, S. G. Quantifying heterogeneity in a meta-analysis. Stat. Med. 21, 1539–1558. https://​doi.​org/​10.​1002/​
sim.​1186 (2002).

	32.	 Verbanck, M., Chen, C. Y., Neale, B. & Do, R. Detection of widespread horizontal pleiotropy in causal relationships inferred from 
Mendelian randomization between complex traits and diseases. Nat. Genet. 50, 693–698. https://​doi.​org/​10.​1038/​s41588-​018-​
0099-7 (2018).

	33.	 Hemani, G., Tilling, K. & Davey Smith, G. Orienting the causal relationship between imprecisely measured traits using GWAS 
summary data. PLoS Genet. 13, e1007081. https://​doi.​org/​10.​1371/​journ​al.​pgen.​10070​81 (2017).

	34.	 Bulik-Sullivan, B. et al. An atlas of genetic correlations across human diseases and traits. Nat. Genet. 47, 1236–1241. https://​doi.​
org/​10.​1038/​ng.​3406 (2015).

	35.	 Giambartolomei, C. et al. Bayesian test for colocalisation between pairs of genetic association studies using summary statistics. 
PLoS Genet. 10, e1004383. https://​doi.​org/​10.​1371/​journ​al.​pgen.​10043​83 (2014).

	36.	 Skrivankova, V. W. et al. Strengthening the reporting of observational studies in epidemiology using Mendelian randomisation 
(STROBE-MR): Explanation and elaboration. BMJ (Clin. Res. ed.) 375, n2233. https://​doi.​org/​10.​1136/​bmj.​n2233 (2021).

	37.	 Hemani, G. et al. The MR-base platform supports systematic causal inference across the human phenome. eLife https://​doi.​org/​
10.​7554/​eLife.​34408 (2018).

	38.	 Tan, N. Y. Q. et al. Associations between sleep duration, sleep quality and diabetic retinopathy. PloS One 13, e0196399. https://​doi.​
org/​10.​1371/​journ​al.​pone.​01963​99 (2018).

	39.	 Altaf, Q. A. et al. Obstructive sleep apnea and retinopathy in patients with type 2 diabetes. A longitudinal study. Am. J. Respir. Crit. 
Care Med. 196, 892–900. https://​doi.​org/​10.​1164/​rccm.​201701-​0175OC (2017).

	40.	 Chang, A. C., Fox, T. P., Wang, S. & Wu, A. Y. Relationship between obstructive sleep apnea and the presence and severity of 
diabetic retinopathy. Retina (Philadelphia, Pa) 38, 2197–2206. https://​doi.​org/​10.​1097/​iae.​00000​00000​001848 (2018).

	41.	 Chew, M. et al. The associations of objectively measured sleep duration and sleep disturbances with diabetic retinopathy. Diabetes 
Res. Clin. Pract. 159, 107967. https://​doi.​org/​10.​1016/j.​diabr​es.​2019.​107967 (2020).

	42.	 Simonson, M. et al. Multidimensional sleep health and diabetic retinopathy: Systematic review and meta-analysis. Sleep Med. Rev. 
74, 101891. https://​doi.​org/​10.​1016/j.​smrv.​2023.​101891 (2023).

	43.	 Raman, R., Gupta, A., Venkatesh, K., Kulothungan, V. & Sharma, T. Abnormal sleep patterns in subjects with type II diabetes mel-
litus and its effect on diabetic microangiopathies: Sankara Nethralaya diabetic retinopathy epidemiology and molecular genetic 
study (SN-DREAMS, report 20). Acta Diabetol. 49, 255–261. https://​doi.​org/​10.​1007/​s00592-​010-​0240-2 (2012).

	44.	 El Ouardighi, H. et al. Obstructive sleep apnea is not associated with diabetic retinopathy in diabetes: A prospective case-control 
study. Sleep Breath. Schlaf Atmung 27, 121–128. https://​doi.​org/​10.​1007/​s11325-​022-​02578-2 (2023).

	45.	 Leong, W. B. et al. Effect of obstructive sleep apnoea on diabetic retinopathy and maculopathy: A systematic review and meta-
analysis. Diabet. Med. A J. Br. Diabet. Assoc. 33, 158–168. https://​doi.​org/​10.​1111/​dme.​12817 (2016).

	46.	 Prasad, R. et al. Microbial signatures in the rodent eyes with retinal dysfunction and diabetic retinopathy. Invest. Ophthalmol. Vis. 
Sci. 63, 5. https://​doi.​org/​10.​1167/​iovs.​63.1.5 (2022).

	47.	 Neroni, B. et al. Relationship between sleep disorders and gut dysbiosis: What affects what?. Sleep Med. 87, 1–7. https://​doi.​org/​
10.​1016/j.​sleep.​2021.​08.​003 (2021).

	48.	 Liu, K., Zou, J., Fan, H., Hu, H. & You, Z. Causal effects of gut microbiota on diabetic retinopathy: A Mendelian randomization 
study. Front. Immunol. 13, 930318. https://​doi.​org/​10.​3389/​fimmu.​2022.​930318 (2022).

	49.	 Khan, R. et al. Association between gut microbial abundance and sight-threatening diabetic retinopathy. Investig. Ophthalmol. 
Vis. Sci. 62, 19. https://​doi.​org/​10.​1167/​iovs.​62.7.​19 (2021).

	50.	 Chiang, J. F. et al. Association between obstructive sleep apnea and diabetic macular edema in patients with type 2 diabetes. Am. 
J. Ophthalmol. 226, 217–225. https://​doi.​org/​10.​1016/j.​ajo.​2021.​01.​022 (2021).

	51.	 Zheng, Z. et al. Meta-analysis of relationship of sleep quality and duration with risk of diabetic retinopathy. Front. Endocrinol. 13, 
922886. https://​doi.​org/​10.​3389/​fendo.​2022.​922886 (2022).

	52.	 Oliveira-Abreu, K., Cipolla-Neto, J. & Leal-Cardoso, J. H. Effects of melatonin on diabetic neuropathy and retinopathy. Int. J. Mol. 
Sci. https://​doi.​org/​10.​3390/​ijms2​30101​00 (2021).

	53.	 Yau, J. W. et al. Global prevalence and major risk factors of diabetic retinopathy. Diabetes care 35, 556–564. https://​doi.​org/​10.​
2337/​dc11-​1909 (2012).

	54.	 Perais, J. et al. Prognostic factors for the development and progression of proliferative diabetic retinopathy in people with diabetic 
retinopathy. The Cochrane Database Syst. Rev. https://​doi.​org/​10.​1002/​14651​858.​CD013​775.​pub2 (2023).

	55.	 Nishiyama, T. et al. Genome-wide association meta-analysis and Mendelian randomization analysis confirm the influence of 
ALDH2 on sleep durationin the Japanese population. Sleep https://​doi.​org/​10.​1093/​sleep/​zsz046 (2019).

https://doi.org/10.1038/s41467-020-20585-3
https://doi.org/10.1038/s41467-020-20585-3
https://doi.org/10.1038/s41467-019-11456-7
https://doi.org/10.1038/s41467-018-08259-7
https://doi.org/10.1038/s41588-019-0361-7
https://doi.org/10.1038/s41588-019-0361-7
https://doi.org/10.1038/s41467-019-08917-4
https://doi.org/10.1038/s41586-022-05473-8
https://doi.org/10.1038/s41586-022-05473-8
https://doi.org/10.1183/13993003.03091-2020
https://doi.org/10.1038/s41467-020-14625-1
https://doi.org/10.1093/ije/dyr036
https://doi.org/10.1093/ije/dyq151
https://doi.org/10.1093/ije/dyt179
https://doi.org/10.5808/gi.2016.14.4.173
https://doi.org/10.1002/gepi.21965
https://doi.org/10.1093/ije/dyw220
https://doi.org/10.1002/sim.1186
https://doi.org/10.1002/sim.1186
https://doi.org/10.1038/s41588-018-0099-7
https://doi.org/10.1038/s41588-018-0099-7
https://doi.org/10.1371/journal.pgen.1007081
https://doi.org/10.1038/ng.3406
https://doi.org/10.1038/ng.3406
https://doi.org/10.1371/journal.pgen.1004383
https://doi.org/10.1136/bmj.n2233
https://doi.org/10.7554/eLife.34408
https://doi.org/10.7554/eLife.34408
https://doi.org/10.1371/journal.pone.0196399
https://doi.org/10.1371/journal.pone.0196399
https://doi.org/10.1164/rccm.201701-0175OC
https://doi.org/10.1097/iae.0000000000001848
https://doi.org/10.1016/j.diabres.2019.107967
https://doi.org/10.1016/j.smrv.2023.101891
https://doi.org/10.1007/s00592-010-0240-2
https://doi.org/10.1007/s11325-022-02578-2
https://doi.org/10.1111/dme.12817
https://doi.org/10.1167/iovs.63.1.5
https://doi.org/10.1016/j.sleep.2021.08.003
https://doi.org/10.1016/j.sleep.2021.08.003
https://doi.org/10.3389/fimmu.2022.930318
https://doi.org/10.1167/iovs.62.7.19
https://doi.org/10.1016/j.ajo.2021.01.022
https://doi.org/10.3389/fendo.2022.922886
https://doi.org/10.3390/ijms23010100
https://doi.org/10.2337/dc11-1909
https://doi.org/10.2337/dc11-1909
https://doi.org/10.1002/14651858.CD013775.pub2
https://doi.org/10.1093/sleep/zsz046


11

Vol.:(0123456789)

Scientific Reports |         (2024) 14:9585  | https://doi.org/10.1038/s41598-024-60446-3

www.nature.com/scientificreports/

Acknowledgements
We would like to thank the IEU Open GWAS database, FinnGen, and the Sleep Disorder Knowledge Portal 
project publicly available.

Author contributions
J.W. and H.L., designed the study. H.L., X.Z., and L.L. collected and analyzed data. H.L. and L.L. conducted 
the literature search. H.L. wrote the first draft of the paper. J.W. and L.L. supervised the study. All authors gave 
consent for the publication.

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at https://​doi.​org/​
10.​1038/​s41598-​024-​60446-3.

Correspondence and requests for materials should be addressed to J.W.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note  Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access   This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://​creat​iveco​mmons.​org/​licen​ses/​by/4.​0/.

© The Author(s) 2024

https://doi.org/10.1038/s41598-024-60446-3
https://doi.org/10.1038/s41598-024-60446-3
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	No bidirectional relationship between sleep phenotypes and risk of proliferative diabetic retinopathy: a two-sample Mendelian randomization study
	Methods
	MR study design
	Data for exposure
	Instrumental variable selection
	Data for outcome
	Validation cohorts
	Statistical analysis
	Sensitivity analysis
	Linkage disequilibrium score regression (LDSC)
	Colocalization analysis
	Reverse MR analysis
	Statistical analysis and analysis software
	Ethical approval and consent to participate

	Results
	Genetic instruments
	MR analysis of sleep phenotypes on PDR risks
	Sensitivity analysis
	Direction validation and confounders
	Results of genetic correlation analysis
	Results of genetic colocalization analysis
	Results of MR analysis in the UK subjects
	Results of reverse MR analysis

	Discussion
	Conclusion
	References
	Acknowledgements


