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A radiochemical lab‑on‑a‑chip 
paired with computer vision 
to unlock the crystallization 
kinetics of (Ba,Ra)SO4
Jenna Poonoosamy 1*, Alexander Kaspor 1, Christian Schreinemachers 1, Dirk Bosbach 1, 
Oskar Cheong 2,3,4, Piotr M. Kowalski 2,3 & Abdulmonem Obaied 1

(Ra,Ba)SO4 solid solutions are commonly encountered as problematic scales in subsurface energy‑
related applications, e.g., geothermal systems, hydraulic fracturing, conventional oil and gas, etc. 
Despite its relevance, its crystallization kinetics were never determined because of radium (226), 
high radioactivity (3.7 ×  1010 Bq  g−1), and utilization in contemporary research, therefore constrained 
to trace amounts (<  10−8 M) with the composition of  BaxRa1‑xSO4 commonly restricted to x > 0.99. 
What if lab‑on‑a‑chip technology could create new opportunities, enabling the study of highly 
radioactive radium beyond traces to access new information? In this work, we developed a lab‑on‑
a‑chip experiment paired with computer vision to evaluate the crystal growth rate of (Ba,Ra)SO4 
solid solutions. The computer vision algorithm enhances experimental throughput, yielding robust 
statistical insights and further advancing the efficiency of such experiments. The 3D analysis results of 
the precipitated crystals using confocal Raman spectroscopy suggested that {210} faces grew twice as 
fast as {001} faces, mirroring a common observation reported for pure barite. The crystal growth rate 
of  (Ba0.5Ra0.5)SO4 follows a second‑order reaction with a kinetic constant equal to (1.23 ± 0.09) ×  10−10 
mol  m−2  s−1.
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Radium (Ra), with isotopes 223Ra, 224Ra, 226Ra, and 228 Ra, is a naturally occurring radioactive material (NORM) 
that results from the radioactive decay of 238U and 232Th1. 226Ra is the most relevant isotope explained by its 
half-life of 1600 years. Due to its strong affinity for barite  (BaSO4), (Ba,Ra)SO4 solid solutions are commonly 
encountered as problematic scales in various subsurface energy-related  applications2–8. For instance, wastewater 
from the extraction and production of conventional oil and  gas9, hydraulic  fracturing10 as well as geothermal 
 brines11, contain radium. Besides its accumulation in uranium mill  tailings12–16, 226Ra, will play a major role in the 
safety assessments for nuclear waste  repositories17. Under certain repository configurations, Ba and Ra, generated 
from the decay of cesium (fission product) and uranium, respectively, may react with sulfate-rich pore water 
from the host rock, resulting in the formation of (Ba,Ra)SO4 solid  solutions18,19. Determining the thermodynamic 
and kinetic parameters that describe the crystallization of (Ba,Ra)SO4 is therefore essential for optimizing waste 
water treatment, site remediation measures, or generating reliable predictions of hydrogeochemical processes in 
subsurface energy-related  applications7,20.

In the past 10 years, there has been tremendous effort to investigate the thermodynamic properties and mix-
ing behavior of (Ba,Ra)SO4 solid solutions over a wide range of temperatures (23 °C to 90 °C). The summary 
of these studies, combining batch  experiments21–23, advanced analytical techniques e.g. time-of-flight second-
ary ion mass spectrometry (ToF–SIMS) or transmission electron microscopy (TEM)24–26 and thermodynamic 
 modelling27,28 suggested that the (Ba,Ra)SO4 solid solution series is non ideal and is described by a regular mix-
ing model with an interaction parameter of 2.5 ± 0.2 kJ  mol−129,30. In the case of nuclear waste repositories, it is 
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important to note that supersaturated solutions may exist metastably in the pore water of rock matrices in the 
subsurface. As a result, it is likely that parameters pertaining to nucleation and precipitation kinetics will play a 
major role in Ra migration through the repository near-field, making thermodynamic equilibrium calculations 
insufficient for a reliable prediction of 226Ra  mobility18. Kinetics studies so far have focused on radium uptake 
into barite and recrystallization  processes31–33 and for the determination of partition  coefficients34. To the best 
of our knowledge, no studies have actually quantified the precipitation kinetics of  (Bax,Ra1-x)SO4 as a function 
of solution supersaturation.

One possible explanation would be that conventional methods, e.g., batch  crystallizers35, to study nucleation 
and precipitation kinetics would require a significant amount of radium. Experiments involving radium are dif-
ficult because of its high specific activity (3.7 ×  1010 Bq  g−1)—226Ra decays to form gaseous 222Rn and a series of 
other short-lived α-emitting  isotopes36. Indeed, beside the classical work of Marie Curie (1911)37, Doerner and 
Hoskins (1925)38, Hahn (1926)39 and Goldschmidt (1940)40 on radium, in today’s research radium is usually 
used at trace concentrations (<  10–8 M), or barium is employed as a  surrogate41.

Microfluidics-based screening and lab-on-a-chip, employed for decades in biotechnology, are now emerging 
as versatile tools in geosciences for studying fluid-rock  interactions42–44. Microfluidics, or lab-on-a-chip, is an 
experiment that is conducted in a microreactor, monitored by time-lapse microscopy, and recently combined with 
in-operando spectroscopic or synchrontron techniques to monitor phase  transformation45,46. Such systems can 
mimic the pore architecture of rocks and allow live monitoring of mineral nucleation, precipitation, and dissolu-
tion under well-controlled conditions (temperature and pressure). The methodology was successfully employed 
to investigate the nucleation of carbonates, sulfates and iron hydroxides in  confinement47–52, mineral precipita-
tion and dissolution  processes53–56,85, or the complex interplay between crystallization and transport that leads 
to oscillatory zoning phenomena during solid solution  precipitation20. It is used in radiopharmaceutics for the 
synthesis of radioactive position emission tomography (PET)  tracers57–59. Microfluidics requires small quantities 
of fluid to conduct hundreds of experiments simultaneously. This technology has the potential to revolutionize 
radio-geochemistry by allowing researchers to work with high concentrations of radium or other radionuclides 
in solution at low radionuclide inventories. This would keep radiation doses below those of traditional batch 
experiments. However, the quantity of data resulting from these microfluidic experiments can be quite signifi-
cant given the robust and high throughput nature of these setups. In addition, the results are mainly 2D optical 
images, which require significant time and human resources for evaluation, e.g., for the determination of crystal 
growth rates. To fully leverage the potential of these kinds of experiments, the evaluation processes along with 
several other bottlenecks must be removed by employing an artificial intelligence (AI) computer vision (CV) 
methodology in different steps of the workflow.

The aim of this work was to test the use of lab-on-a-chip experiments monitored by time-resolved microscopy 
in combination with Raman spectroscopy and the application of CV to investigate the crystal growth rate of 
(Ba,Ra)SO4 solid solutions. Reacting solutions were injected into a microfluidic mixer to precipitate (Ba,Ra)SO4, 
where radium is beyond the trace. The experiments were carefully designed to precipitate  Ba0.5Ra0.5SO4 under 
various saturation conditions. The 3D Raman tomographs of the single crystals suggested that the {210} face grew 
twice as fast as the {001} face, a common behavior for  barite60–62. A computer vision pipeline was developed to 
identify crystal habits and track crystal growth from 2D optical images. Our algorithm also included the evalu-
ation of the  Ba0.5Ra0.5SO4 crystals in 3D to extract the volume and surface area of single crystals with time. These 
enabled the determination of the crystal growth rate of  Ba0.5Ra0.5SO4, which follows a second order reaction, 
similar to barite, with a kinetic constant equal to (1.23 ± 0.09) ×  10–10 mol  m−2  s−1. The lesson learned from this 
study marks the first building block towards an automated radio-geochemical lab-on-chip.

Results and discussion
Evaluation of the solution chemistry and stoichiometric saturation function
The laminar mixing reactor (Fig. 1a) was used to foster the crystallization of (Ba,Ra)SO4. Three experiments 
denoted A, B and C, were conducted using consistent concentrations of barium chloride  (BaCl2) and radium 
bromide  (RaBr2) but with varying concentrations of sodium sulfate  (Na2SO4, 0.75 mM, 1 mM, and 1.5 mM 
respectively). The fluxes and concentrations of the reacting solutes in the microfluidic channel were calculated 
using COMSOL  Multiphysics63 (see details in supplementary note 1). This allowed the evaluation of solute spe-
cies concentrations at every point in space and time in the microfluidic channel. By coupling this information 
with geochemical speciation calculations using  GEMS64, the corresponding saturation indices with respect to 
the solid solution series were determined. The injection of  Na2SO4 and a mixed solution of  RaBr2 and  BaCl2 at 
a flow rate of 1 µL  min−1 induces a fluid velocity of about 4 ×  10–3 m  s−1 (Fig. 1b). The Reynolds number defined 
by the ratio of inertial forces to viscous forces is 3.75, indicating a laminar flow whereby the reacting fluids flow 
in parallel (Fig. 1c–e), without turbulence, and the only mixing that occurs is the result of the diffusion of mol-
ecules across the interface (green region of the microfluidic channel in Fig. 1c–e) between the reacting  fluids65. 
The concentrations of the reacting solutes for the experiment with 1.5 mM  Na2SO4 across lines 1–3 (Fig. 1b) 
are plotted in Fig. 2a, b. A concentration gradient develops along the x-axis of the reactor, leading to a widen-
ing of the mixing zone as the fluids flows toward the outlet. This is evident in Fig. 2a, where a non-zero sulfate 
concentration is observed across lines 2 and 3 in contrast to line 1.

The solutes react according to Eq. (1) to form (Ba,Ra)SO4 solid solutions along the mixing zones.

The stoichiometric supersaturation function �st for the solid solutions was computed for the entire compo-
sitional range from XBa = 0 to XBa = 1 using the equation  below66:

(1)xBa2+
(aq)

+ (1− x)Ra2+
(aq)

+ SO
2−
4(aq) ↔ BaxRa(1−x)SO4(s)
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where a
Ba2+

 , a
Ra2+

 and a
SO4

2− represent the free ion activities in the aqueous solution considering the extended 
Debye–Huckel ionic strength activity model; KBaSO4

 and KRaSO4
 , the solubility products of the end-members 

 BaSO4 and  RaSO4 equal to  10–9.97  mol2  L−1 and  10–10.26  mol2  L−1 respectively at 298.15 K (cf. Klinkenberg et al. 
25); and XBa and XRa , the molar fractions of  BaSO4 and  RaSO4 in the solid. γBaSO4

 and γRaSO4
 are the activity 

coefficients of the end-members in the solid solution based on the Thompson-Waldbaum model and assuming 
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Figure 1.  Evaluation of the solution chemistry in the microfluidic reactor for experiment C. (a) Design of 
microfluidic reactor with two inlets where reacting solutions are injected and an outlet. (b) Simulated velocity 
magnitude in the microfluidic reactor with lines 1, 2 and 3 where the solution chemistry is numerically sampled. 
The line x = 0.25 mm marks the middle of the reactor (c) sulfate (d) barium and (e) radium concentrations in the 
microfluidic reactor at steady state for experiment C.
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a regular mixing model with a Margules interaction parameter, w, of 2479 J  mol−1(cf. Vinograd et al. 29). Any 
solid solution with a stoichiometric supersaturation �st > 1 can potentially precipitate while those with a �st < 
1 will dissolve.

The stoichiometric supersaturation function for all three experiments (line 1, x = 0.25 mm) is depicted in 
Fig. 2c. The maxima of the Ωst at 0.4 < XBa < 0.5 give the thermodynamically most stable solid solution for each 
experiment. The variation in concentration across the reactor results in variation in the Ωst. The evaluation Ωst 
in the regions, where crystals were observed and monitored, is provided in supplementary note 2.

Crystallization of (Ba,Ra)SO4 solid solutions
The ingress of the mixed barium chloride/radium bromide solution and sodium sulfate solution into the 
microfluidic reactor triggered the crystallization of (Ba,Ra)SO4, resulting in the formation of euhedral-shaped 
crystals (Fig. 3). Nucleation started during the seeding procedure at the interface of the mixing solution 
and the crystallites grew continuously, forming a trail of crystals in the middle of the microfluidic channel 
(0.245 mm < x < 0.255 mm). Fewer crystals of sizes 4.9 ± 0.1 µm were observed for experiment A with 0.75 mM 
 Na2SO4, while larger crystals merging after 2–3 h were observed for the experiments with higher concentrations 
of  Na2SO4. Crystal habits were clearly distinguishable, including flattened tabular (Fig. 3d i), orthorhombic 
bipyramidal (Fig. 3d ii), and pseudo-rhombohedral crystals (Fig. 3d iii), with the latter being the predominant 
crystal habit observed in all three experiments.

Determination of solid solution composition
The Raman spectra for at least fifteen crystals from each experiment were collected to determine the solid solution 
composition. Figure 4a shows one spectrum as a typical example. In addition, the Raman spectra of synthetic 
 BaSO4 (99.99% from Chempur),  SrSO4 (99.99% from Chempur), and PMMA (reactor material) were collected. 
These measurements served as standards for the evaluation of our experimental data. The free sulfate ions  (SO4

–2) 
have characteristic ν1 and ν3 bands corresponding to the symmetric and the anti-symmetric stretching modes, 
respectively, and ν2 and ν4 bands corresponding to the bending vibrations. The intense ν1(SO4) bands for  BaSO4 
and  SrSO4 are located at 988  cm−1 and 1001  cm−1, respectively. No Raman data for  RaSO4 or (Ba,Ra)SO4 from 
literature were available for comparison necessitating further calculations to access this information. The Raman 
spectra of pure  RaSO4,  BaSO4 and  SrSO4 were determined using DFT calculations, of which a detailed analysis 

Figure 2.  Evaluation of the solution chemistry and supersaturation function Ωst along the mixing zone. (a) 
The concentration of solutes across line 1–3 (c.f. Figure 1) for experiment C with (b) a change in the y-axis for 
a better visualization of  Ba(aq) and  Ra(aq (c) The comparison of the Ωst for experiment A, B and C along line 1 at 
x = 0.25 mm with the red stars indicating the thermodynamically most stable solid solution composition based 
on the aqueous solution chemistry.



5

Vol.:(0123456789)

Scientific Reports |         (2024) 14:9502  | https://doi.org/10.1038/s41598-024-59888-6

www.nature.com/scientificreports/

is given in supplementary note 4. Based on these calculations the position of the ν1(SO4) band would shift by 
−12  cm−1 for  RaSO4 and + 11  cm−1 for  SrSO4 with respect to that of  BaSO4. Given that the shift of the ν1(SO4) for 
 SrSO4 is consistent with experimental measurements (Δν =  + 12  cm−1) it can be expected that the ν1  (SO4) position 
in the Raman spectrum of  RaSO4 is located at ν1 = 977  cm−1. According to Vegard’s law, the lattice parameters 
are correlated to the composition of the solid solution. Lattice parameters (more specifically distance between 
atom) and composition (more specifically mass of the atom) affect the vibrational frequencies. For the case of 
solid solution, an increase in one end-member composition usually leads to a continuous change in both the 
band position and band  widths68. This means that the linear interpolation of the positions  (cm−1) of the ν1(SO4) 
band maxima is a function of the mole fraction XBa in (Ba,Ra)SO4. This was verified experimentally for the case 
(Ba,Sr)SO4 solid solutions despite their non-ideal mixing behavior (c.f. supplementary note in Poonoosamy 
et al20). The measured ν1(SO4) frequency of all analyzed crystals is distinct, intermediate between those of pure 
 BaSO4 and  RaSO4, and broadened, indicating without any doubt the presence of (Ba,Sr)SO4 solid solutions. The 
ν1(SO4) band observed at 984 ± 1  cm−1 corresponds to a stoichiometric composition of  (Ba0.5Ra0.5)SO4 (~ 0.5 ×  
(977 + 989) = 983  cm−1).

Stacked 2D Raman images of single pseudo-rhombohedral-shaped crystals (Fig. 4b) were collected to 
construct their 3D structures (Fig. 4c). Such crystals were observed to grow faster in the x–y direction than in 
the z direction, e.g., a rhombohedral crystal (Fig. 4c) of 15 ± 1 µm along its diagonal would be around 5 ± 3 µm 
in depth. These observations suggest that the crystals grow twice as fast along the {210} surfaces (causing growth 
in the x–y direction) than on the {001} surface (causing growth in the z direction). This observation is frequently 
reported also for pure barite 60,61.

Computer vision pipeline for the determination of the crystal growth rate
A CV methodology was developed to detect (Ba,Ra)SO4 crystals, identify their habits and determine their crystal 
volume and surface area. We focused our analysis on the pseudo-rhombohedral crystals, the most abundant 
crystal habit observed. For each experiment, 30 crystals were analyzed. A semi-automated Python tool (sup-
plementary note 3) is employed for the selective analysis of flat crystals from 2D optical microscopy images. 
The optical microscopy images were pre-processed, which included several steps such as filtering, thresholding, 
and contour detection, as shown in Fig. 5a, to identify the pseudo-rhombohedral-shaped crystals. To determine 
volume and consequently the molar amounts of precipitates from 2D images, 3D models based on crystal draw-
ings (Fig. 3d) were integrated into our CV pipeline. The python library  Trimesh69 (version 3.2.0) was used for 3D 
modeling of single crystals and accurate volume determination. Surface area calculations were similarly evalu-
ated. Geometrical filters were employed to match 2D shapes of crystals (green line in Fig. 5b) to 3D mathematical 
shapes (blue line in Fig. 5b) in order to track the 2D surface and volume of the growing crystals with time. A 
convolutional neural network (CNN) was also developed to identify crystals with a categorized habit. However, 
due to the currently insufficient amount of data for training, CNN was not able to identify accurately the habits 
when the crystals were tilted i.e., the crystals were not flat from a 2D perspective.

Figure 3.  Micrographs of (Ba,Ra)SO4 crystals that precipitated in the microfluidic reactor. Sample micrographs 
from (a) experiment A (0.75 mM  Na2SO4) (b) experiment B (1 mM  Na2SO4) and (c) experiment C (1.5 mM 
 Na2SO4) with (d) the three identified crystals habits that were observed in these experiments. The figures in (d) 
were created using  Onshape67.
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The volume of single crystals was used to calculate the molar amounts (n [mol]) of  (Ba0.5Ra0.5)SO4 that 
precipitated assuming the molar volume of  (Ba0.5Ra0.5)SO4 to be proportional to the mole fractions of the end 
members (c.f. Vinograd et al.30) with a value of 53.7  cm3  mol−1. The rate of precipitation at a given time (t), (Rt 
 [mol−1  m2  s−1] normalized to the surface area (At  [m2]) was determined using Eq.  353:

where Δt is the time lapse between captured images.
An average rate of precipitation for each crystal was calculated for experiments A-C and reported in the 

histograms given in Fig. 6. The mean crystal growth rate for each experiment and associated standard deviations 
were calculated and are given in Fig. 6.

Determination of the kinetic constant for  Ba0.5Ra0.5SO4
The kinetic constant for the crystal growth of  B0.5Ra0.5SO4 was calculated based on the measured crystal growth 
rates from the optical microscopy images. The crystal growth rate normalized to the surface area (R [mol  m−2  s−1]) 
for the precipitated  Ba0.5Ra0.5SO4 was assumed to follow a second order reaction like that reported for barite 
 (BaSO4). The kinetic constant, k, can be calculated using the relationship:

where �st(Ba0.5Ra0.5SO4) is the supersaturation ratio with respect to  Ba0.5Ra0.5SO4 solid solution (indicated by red 
stars in Fig. 2c). It is important to note that the variation of �st in the regions where crystals were observed and 

(3)Rt =
nt+1 − nt

�t × At

(7)R(Ba0.5Ra0.5SO4) = k(1−�st(Ba0.5Ra0.5SO4))
2

Figure 4.  Raman spectroscopic analysis of (Ba,Ra)SO4 crystals. (a) Raman spectra of a typical crystal 
that precipitated in the microfluidic reactor and standard spectra of commercial  BaSO4 and  SrSO4 and the 
microfluidic reactor vessel; (b) an example of a pseudo rhombohedral crystal of (Ba,Ra)SO4 on which further 
Raman measurements were done to reconstruct its (c) 3D geometry.
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monitored (0.225 mm < x < 0.275 mm and −14 mm < y < −5 mm) is negligeable on the final evaluation of the 
results (c.f. Supplementary note 2).

The rate of crystal growth R(Ba0.5Ra0.5SO4) was plotted against �st(Ba0.5Ra0.5SO4) in Fig. 6d, and consequently, k 
was calculated as the slope of the linear equation, yielding (1.23 ± 0.09) ×  10–10 mol  m−2  s−1. The error associated 
with the rate is based on the least squares method, which minimizes the sum of the squares of the differences 
between the observed and predicted values.

Our results were compared with the experimental data provided by Hedström et al.70 (see supplementary note 
S5 for detailed analysis). Based on these experiments, the precipitation rate of (Ba,Ra)SO4 normalized to a specific 
surface area was estimated to be 2.3 ×  10−8 mol  m−2  s−1. The calculated rate of precipitation associated with the 
experimental conditions of Hedstroem et al.70 using Eq. 7, is 3.2 ×  10−8 mol  m−2  s−1. These findings demonstrate 
a significant consistency between our calculated precipitation rate and the experimental data provided by 
Hedstroem et al.70. The crystal growth rate of pure barite is reported as (1.5 ± 0.2) ×  10–11 mol  m2  s−1 in  literature61. 
This is one order of magnitude lower than one of the synthesized Ra-bearing barite in our experiments indicating 
that the use of default barium growth rate kinetics to describe the (Ra, Ba)SO4 solid solution system in the 
subsurface or groundwater remediation analyses might lead to an overestimation of aqueous radium in solution. 
By changing the Ba/Ra ratio in the experiments, the radium content in the crystals can be varied. It still needs 
to be determined whether the kinetic rate of precipitation of  (BaxRa1-x)SO4 scales with the Ra content; this will 
be further investigated in future studies.

Conclusion
In this work we developed a microfluidic experiment combined with a computer vision tool to determine the 
kinetic rate of precipitation of  (BaxRa1-x)SO4 where radium is present beyond trace amounts—an achievement 
previously deemed unfeasible. The determined crystal growth rate can be further applied in geochemical 
calculations for optimizing wastewater treatment and in reactive transport code for a more realistic assessment 
of radium mobility in the environment for energy extraction or remediation purposes. The unique capabilities of 
microfluidics in radiochemistry, particularly the ability to conduct multiple experiments in parallel with minimal 
radionuclide inventories, underscore the potential of this methodology. The developed computer vision tool 
further enhances experimental throughput, providing robust statistical insights. This methodology will be further 
developed to conduct experiments at higher temperatures and derive the activation energies. Future work will 
focus on converting the processing routine from the use-case specific Jupyter notebooks (c.f. code availability) 
into a python package for generic application. Moreover, we will concentrate on developing a fully automated 
methodology by implementing CNN into the pipeline.

Figure 5.  CV pipeline for the identification of crystal habits and determination of crystal growth rates. (a) The 
pre-processing steps for identifying pseudo-rhombohedral crystals (b) Tracking the growth of single crystals 
with time, with the green line capturing the rhomboidal shapes and the blue line approximating the pseudo-
rhombohedral 3D crystal habit.
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Experimental/methods
Chemicals used
A stock solution with 0.0375 mM of 226Ra was prepared from  RaBr2 (salt, purchased from section Physik Univ. 
München, Technologisches Labor, München, Germany and manufactured by VG. Khlopin Radium Institute, St 
Peterburg, Russia in 2003). The Ra activity in solution, from which the concentration is calculated, was quantified 
via Gamma spectrometry using a  N2 cooled high purity germanium detector (HPGe, Canberra ɣ-analyst) 
considering the 186 keV gamma line of 226Ra. 10 µL of a 30 mM  BaCl2 solution (prepared from  BaCl2·2H2O 
salt > 99% index no. 056-004-00-8 sigma Aldrich), was pipetted in the 5 mL of the Radium solution yielding a 
mixed solution of 0.061 mM of  BaCl2 and 0.0375 mM  RaBr2. Solution of 0.75 mM, 1 mM and 1.5 mM of  Na2SO4 
were prepared from  Na2SO4 salt (> 99% Cas no. 7757–82-6).

Experimental setup
The experimental setup consisted of a microfluidic mixer (Fig. 1) that is connected to syringe pumps (PHD 
ULTRA™ Syringe Pumps, Havard Apparatus, Massachusetts, United States) and monitored by time-lapse optical 
microscopy using an inverted Microscope Eclipse Ti2 (NIKON, Tokyo) equipped with a motorized stage and 
with a 40X objective (CFI Plan Apochromat, NA 0.95, Nikon, Tokyo). The microfluidic mixer made out of 
polymethylmethacrylate (PMMA), with dimensions shown in Fig. 1, consists of two inlets and one outlet. The 
two inlets (1 and 2) were each connected to 500 µL glass syringes, dispensing the mixed solution of  BaCl2 and 
 RaBr2 and  Na2SO4, respectively (Fig. 1). The outlet was linked to an effluent vessel. A PMMA reactor was chosen 
over the classically used polydimethylsiloxane (PDMS) because it is gas-tight, making it safer for handling 
radionuclides. The inlets and outlets (mini luer) were connected with tubings (Tygon AAD04103, ID 0.51 mm, 
OD 1.53 mm, Saint-Gobain Performance Plastics, Akron, OH, USA) via mini luer connectors (chipshop GmbH, 
Jena, Germany). The microfluidic reactor was initially filled with deionized water, followed by the injection of the 
reacting solutions at 1 µL  min−1 for 15 min. The syringe pump was stopped for 15 min to enable nucleation in the 
microfluidic channel (seeding step). After these 15 min, the pump was switched on again and reacting solutions 
were injected at 1 µL  min−1 and monitored by optical microscopy for 3 h. Three experiments were conducted 

Figure 6.  Evaluation of crystal growth rate. Average precipitation rate (Rt) of single crystals for (a) experiment 
A, (b) experiment B and (c) experiment C. (d) Graph of crystal growth rate R as a function of supersaturation 
ratio with respect to  Ba0.5Ra0.5SO4. The error associated with the crystal growth rate in (d) is the standard error 
associated with the sampling distribution in (a–c). The variations in �st(Ba0.5Ra0.5SO4) in the monitored region 
were included as the uncertainty on �st but was insignificant enough to be visible on the graph.
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with varying concentrations of  Na2SO4 of 0.75 mM, 1 mM and 1.5 mM and were labeled A, B and C, respectively. 
The experiment was conducted at ambient temperature (21 °C) and pressure. Micrographs of 439 µm × 439 µm 
were collected using a high-resolution camera from Zyla (sCMOS, Andor, Belfast) in DIC mode over 11 to 15 
areas of the 10 mm monitored region (Fig. 1) at regular intervals of 5 min.

Transport in microfluidic mixer
The flow field in the microfluidic mixer was simulated with computational fluid dynamics using the software 
COMSOL Multiphysics 6.0 (COMSOL AB, Stockholm, Sweden see supplementary note 1). The initial 
saturation ratio with respect to the complete solid solution series was calculated following the steps described 
in Poonoosamy et al.71. This process involved an initial evaluation of the flow and concentration fields using 
COMSOL Multiphysics. Subsequently, the geochemical calculations of aqueous speciation were performed 
using GEMS  selektor64. The resulting activities of aqueous species from the geochemical solver are used for the 
computation of the supersaturation ratio function given in Eq. 2.

Raman measurements
Raman measurements and 3D tomographs were conducted using a Witec alpha300 Ri Inverted Confocal Raman 
Microscope with a Nikon 100 × oil immersion objective, having a numerical aperture (NA) of 1.4, a working 
distance of 0.13 mm, and a cover glass correction. The instrument is equipped with a 70 mW Nd:YAG laser 
(λ = 532 nm) and a thermoelectrically cooled charge-coupled device (CCD). The laser power was set to 20 mW 
and a grating with 1800 grooves per mm was chosen. With this setup, the spectral resolution was 2  cm−1. The 
theoretical, diffraction-limited lateral and axial resolutions of the Raman measurements at the sample surface 
were ~ 464 nm and ~ 629 µm considering Eqs. (3) and (4) in  Everall72, and the refraction index of the immersion 
medium (n = 1.55). Raman spectra of at least 15 crystals per experiment were collected with a measuring time of 
20 s in the wavenumber range from 300  cm−1 to 1400  cm−1. In addition, stacked Raman images of single crystals 
were collected with a 500 nm step size in the x and y direction over a depth of 10 μm with a 1 µm step size. Raman 
intensities were recorded for 0.1 s in the wavenumber range from 300  cm−1 to 1400  cm−1. These images were 
used to reconstruct the 3D geometry of the single crystals, enabling the determination of their volume. Raman 
image stacks were visualized with the ImageJ 3D Viewer (version 4.0.2).

DFT calculation
The synthetic Raman spectra of  BaSO4,  RaSO4 and  SrSO4 compounds were computed with the plane-wave 
Quantum-ESPRESSO  package73, using density functional perturbation theory. We applied the norm-conserving 
pseudopotentials, the kinetic energy cutoff of 200 Ry and the LDA (for Raman intensities) and PBEsol (for 
vibrational frequencies) exchange–correlation  functionals74. The compounds were modeled with four formula 
units supercells that contained 24 atoms and 2 × 2 × 2 Monkhorst–Pack k-point grid for Brillouin  zone75 sampling. 
Details of these calculations and analyses are given in supplementary note 2.

Computer vison pipeline
The development of the CV methodology for (Ba,Ra)SO4 crystal analysis involved some carefully designed 
steps that allowed us to extract physical details and growth rates from 2D optical microscopy images. This 
included a semi-automated image-processing Python methodology that allows for bordering of selected regions 
of interest from the available TIFF input images. This is essential as it ensures the exclusion of crystals that are 
not flat from a 2D perspective. Analyzing non-flat crystals can potentially result in inaccurately identifying 
an enlarged perimeter, leading to inaccurate calculations of volumes and precipitation rates. It is important to 
mention that the selection process is conducted on the final image of each experiment to ensure the capture of 
the necessary coordinates. These coordinates are then saved and utilized by the CV tool to trace the growth of 
crystals throughout the entire duration of the experiment.

The first step of the main CV code, the pre-processing step, employs various Python libraries such as  OpenCV76 
(version 4.6.0.66) for image processing,  Pandas77 (version 1.3.3) for data manipulation, and  Matplotlib78 (version 
3.4.3) for graphical representation. This step involves applying bilateral  filtering79,80 to reduce noise around 
the border of the crystal while preserving edges, adaptive  thresholding81,82 to segment the crystals from their 
background, and contour  detection83 to identify the crystal shapes. The contours are then filtered further to 
exclude small artifacts and nested contours in order to ensure that only the valid crystal shape is considered. 
Geometrical filters are then applied to detect the 2D shape and match it with its corresponding 3D morphology. 
For example, detected rhomboidal shapes are matched with pseudo-rhombohedral 3D morphologies.

Following the image pre-processing step, crystallographic 3D morphological models were drawn using the 
CAD software onshape67, and were designed based on drawings from the (Atlas der Krystallformen)  textbook84. 
These 3D models are then integrated into the proposed CV tool to calculate the volume of the crystals being 
analyzed. As for the growth rate of the unseen dimension from the 2D perspective, the depth is determined 
based on the relevant available research work and experimentally determined 3D structures. For example, for the 
pseudo-rhombohedral morphology, the growth rate of the {210} surface is approximately twice as fast as that of 
the {001}  surface60,61. In the main code, the 3D modeling is utilized using the Trimesh  library69 (version 3.2.0), 
with the volume of the crystal being calculated based on the scaled dimensions derived from the two-dimensional 
analysis. The scaling is done in a way that ensures the proportions are accurately maintained, and that the volumes 
are calculated by scaling a 3D mesh model to accurately match the rate of growth of the visible dimensions 
of the crystal that were observed by the CV tool during the experiment. It is also important to mention that 
the maximum depth was manually set to be 10 µm as it is the actual depth of the experimental microfluidic 
chambers. This methodology allowed us to predict the depth of the observed crystals accurately according to 
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the representation of the crystal’s 3D morphology. Additionally, it was possible to calculate the surface area of 
the scaled mesh, providing additional data needed for the calculation of the precipitation rate. The precipitation 
rate is calculated using Eq. 3. The surface area is estimated by updating its value for each time interval.

Data availability
A detailed description of the numerical methods fluid dynamics simulation, computer vision pipeline and DFT 
calculations is given in the supplementary notes 1, 2 and 3 respectively. The datasets for graphs in Figs. 2 and 
6 including, Raman spectra (in txt format) as well as videos of crystal growth from experiment 1–3 can be 
found on a public repository https:// b2sha re. eudat. eu/ recor ds/ f46a0 f28a4 8644d 5bc15 d6296 b8812 0a. Any other 
datasets, e.g., images or COMSOL simulation files, generated during the current study are also available from 
the corresponding author upon reasonable request.

Code availability
The Python code for the CV methodology is available as Jupyter notebooks, which are deposited in a public Git 
repository on GitHub, reachable via the following URL: https:// github. com/ FZJ- React ive- Trans port- Group/ 
CV- tool- for- cryst als- analy sis.

Received: 26 January 2024; Accepted: 16 April 2024

References
 1. IAEA, R. P. Management of NORM residues in the phosphate industry, Safety reports series No. 78. International Atomic Energy 

Agency (IAEA), Vienna (2013).
 2. Poonoosamy, J. et al. Barite precipitation following celestite dissolution in a porous medium: A SEM/BSE and μ-XRD/XRF study. 

Geochim. Cosmochim. Acta. 182, 131–144. https:// doi. org/ 10. 1016/j. gca. 2016. 03. 011 (2016).
 3. Poonoosamy, J. et al. Combination of MRI and SEM to assess changes in the chemical properties and permeability of porous media 

due to barite precipitation. Minerals 10, 226 (2020).
 4. Poonoosamy, J. et al. Effects of solution supersaturation on barite precipitation in porous media and consequences on permeability: 

Experiments and modelling. Geochim. Cosmochim. Acta. 270, 43–60. https:// doi. org/ 10. 1016/j. gca. 2019. 11. 018 (2020).
 5. Hunter, H. A., Ling, F. T. & Peters, C. A. Metals coprecipitation with barite: nano-XRF observation of enhanced strontium incor-

poration. Environ Eng Sci 37, 235–245. https:// doi. org/ 10. 1089/ ees. 2019. 0447 (2020).
 6. Ling, F. T. et al. Nanospectroscopy captures nanoscale compositional zonation in barite solid solutions. Sci. Rep. 8, 13041. https:// 

doi. org/ 10. 1038/ s41598- 018- 31335-3 (2018).
 7. Weber, J., Bracco, J. N., Yuan, K., Starchenko, V. & Stack, A. G. Studies of mineral nucleation and growth across multiple scales: 

Review of the current state of research using the example of barite  (BaSO4). ACS Earth Space Chem. 5, 3338–3361. https:// doi. org/ 
10. 1021/ acsea rthsp acech em. 1c000 55 (2021).

 8. Bracco, J. N. et al. Hydration structure of the barite (001)–water interface: Comparison of X-ray reflectivity with molecular dynam-
ics simulations. J. Phys. Chem. C 121, 12236–12248. https:// doi. org/ 10. 1021/ acs. jpcc. 7b029 43 (2017).

 9. Lauer, N. E., Warner, N. R. & Vengosh, A. Sources of radium accumulation in stream sediments near disposal sites in Pennsylvania: 
Implications fordisposal of conventional oil and gas wastewater. Environ. Sci. Technol. 52, 955–962. https:// doi. org/ 10. 1021/ acs. 
est. 7b049 52 (2018).

 10. Thakur, P., Ward, A. L. & González-Delgado, A. M. Optimal methods for preparation, separation, and determination of radium 
isotopes in environmental and biological samples. J. Environ. Radioact. 228, 106522. https:// doi. org/ 10. 1016/j. jenvr ad. 2020. 106522 
(2021).

 11. Kölbel, L. et al. Water–rock interactions in the Bruchsal geothermal system by U-Th series radionuclides. Geotherm. Energy 8, 24. 
https:// doi. org/ 10. 1186/ s40517- 020- 00179-4 (2020).

 12. Besançon, C. et al. The role of barite in the post-mining stabilization of radium-226: A modeling contribution for sequential 
extractions. Minerals 10, 497 (2020).

 13. Nirdosh, I., Muthuswami, S. V. & Baird, M. H. I. Radium in uranium mill tailings—Some observations on retention and removal. 
Hydrometallurgy 12, 151–176. https:// doi. org/ 10. 1016/ 0304- 386X(84) 90032-X (1984).

 14. Fesenko, S., Carvalho, F., Martin, P., Moore, W. & Yankovich, T. Radium in the environment. The Environmental behaviour of 
radium: Revised edition. Technical Reports Series, 33–105 (2014).

 15. Lestini, L., Beaucaire, C., Vercouter, T., Ballini, M. & Descostes, M. Role of trace elements in the 226-Radium incorporation in 
sulfate minerals (gypsum and celestite). ACS Earth Space Chem. https:// doi. org/ 10. 1021/ acsea rthsp acech em. 8b001 50 (2019).

 16. Mangeret, A. et al. Early diagenesis of radium 226 and radium 228 in lacustrine sediments influenced by former mining sites. J. 
Environ. Radioact. 222, 106324. https:// doi. org/ 10. 1016/j. jenvr ad. 2020. 106324 (2020).

 17. Grandia, F., Merino, J. & Bruno, J. Assessment of the radium-barium co-precipitation and its potential influence on the solubility 
of Ra in the near-field. (SKB, 2008).

 18. Curti, E. et al. Modelling Ra-bearing baryte nucleation/precipitation kinetics at the pore scale: Application to radioactive waste 
disposal. Eur. J. Mineral. 31, 247–262. https:// doi. org/ 10. 1127/ ejm/ 2019/ 0031- 2818 (2019).

 19. Rudin, S. et al. Simulation of crystal growth by an innovative hybrid density functional theory continuum solvation approach: 
Kink Site Formation on Barite (001). Cryst. Growth Des. 24, 159–170. https:// doi. org/ 10. 1021/ acs. cgd. 3c008 09 (2024).

 20. Poonoosamy, J. et al. A lab-on-a-chip approach integrating in-situ characterization and reactive transport modelling diagnostics 
to unravel (Ba, Sr)SO4 oscillatory zoning. Sci. Rep. 11, 23678. https:// doi. org/ 10. 1038/ s41598- 021- 02840-9 (2021).

 21. Brandt, F., Curti, E., Klinkenberg, M., Rozov, K. & Bosbach, D. Replacement of barite by a (Ba,Ra)SO4 solid solution at close-to-
equilibrium conditions: A combined experimental and theoretical study. Geochim. Cosmochim. Acta. 155, 1–15. https:// doi. org/ 
10. 1016/j. gca. 2015. 01. 016 (2015).

 22. Brandt, F., Klinkenberg, M., Poonoosamy, J., Weber, J. & Bosbach, D. The effect of ionic strength and Sraq upon the uptake of Ra 
during the recrystallization of barite. Minerals https:// doi. org/ 10. 3390/ min81 10502 (2018).

 23. Brandt, F., Klinkenberg, M., Poonoosamy, J. & Bosbach, D. Recrystallization and uptake of 226Ra into Ba-Rich (Ba, Sr)SO4 solid 
solutions. Minerals https:// doi. org/ 10. 3390/ min10 090812 (2020).

 24. Weber, J. et al. Retention of 226Ra by barite: The role of internal porosity. Chem. Geol. 466, 722–732. https:// doi. org/ 10. 1016/j. chemg 
eo. 2017. 07. 021 (2017).

 25. Klinkenberg, M. et al. The solid solution–aqueous solution system (Sr, Ba, Ra)SO4 +  H2O: A combined experimental and theoretical 
study of phase equilibria at Sr-rich compositions. Chem. Geol. 497, 1–17. https:// doi. org/ 10. 1016/j. chemg eo. 2018. 08. 009 (2018).

 26. Klinkenberg, M., Brandt, F., Breuer, U. & Bosbach, D. Uptake of Ra during the recrystallization of barite: A microscopic and time 
of flight-Secondary ion mass spectrometry study. Environ. Sci. Technol. 48, 6620–6627. https:// doi. org/ 10. 1021/ es405 502e (2014).

https://b2share.eudat.eu/records/f46a0f28a48644d5bc15d6296b88120a
https://github.com/FZJ-Reactive-Transport-Group/CV-tool-for-crystals-analysis
https://github.com/FZJ-Reactive-Transport-Group/CV-tool-for-crystals-analysis
https://doi.org/10.1016/j.gca.2016.03.011
https://doi.org/10.1016/j.gca.2019.11.018
https://doi.org/10.1089/ees.2019.0447
https://doi.org/10.1038/s41598-018-31335-3
https://doi.org/10.1038/s41598-018-31335-3
https://doi.org/10.1021/acsearthspacechem.1c00055
https://doi.org/10.1021/acsearthspacechem.1c00055
https://doi.org/10.1021/acs.jpcc.7b02943
https://doi.org/10.1021/acs.est.7b04952
https://doi.org/10.1021/acs.est.7b04952
https://doi.org/10.1016/j.jenvrad.2020.106522
https://doi.org/10.1186/s40517-020-00179-4
https://doi.org/10.1016/0304-386X(84)90032-X
https://doi.org/10.1021/acsearthspacechem.8b00150
https://doi.org/10.1016/j.jenvrad.2020.106324
https://doi.org/10.1127/ejm/2019/0031-2818
https://doi.org/10.1021/acs.cgd.3c00809
https://doi.org/10.1038/s41598-021-02840-9
https://doi.org/10.1016/j.gca.2015.01.016
https://doi.org/10.1016/j.gca.2015.01.016
https://doi.org/10.3390/min8110502
https://doi.org/10.3390/min10090812
https://doi.org/10.1016/j.chemgeo.2017.07.021
https://doi.org/10.1016/j.chemgeo.2017.07.021
https://doi.org/10.1016/j.chemgeo.2018.08.009
https://doi.org/10.1021/es405502e


11

Vol.:(0123456789)

Scientific Reports |         (2024) 14:9502  | https://doi.org/10.1038/s41598-024-59888-6

www.nature.com/scientificreports/

 27. Langmuir, D. & Riese, A. C. The thermodynamic properties of radium. Geochim. Cosmochim. Acta. 49, 1593–1601. https:// doi. 
org/ 10. 1016/ 0016- 7037(85) 90264-9 (1985).

 28. Vinograd, V. L. et al. Solid–aqueous equilibrium in the  BaSO4–RaSO4–H2O system: First-principles calculations and a thermo-
dynamic assessment. Geochim. Cosmochim. Acta. 122, 398–417. https:// doi. org/ 10. 1016/j. gca. 2013. 08. 028 (2013).

 29. Vinograd, V. L. et al. Thermodynamics of the solid solution - Aqueous solution system (Ba, Sr, Ra)SO4 +  H2O: I. The effect of 
strontium content on radium uptake by barite. Appl. Geochem. 89, 59–74. https:// doi. org/ 10. 1016/j. apgeo chem. 2017. 11. 009 (2018).

 30. Vinograd, V. L. et al. Thermodynamics of the solid solution - Aqueous solution system (Ba, Sr, Ra)SO4 +  H2O: II. Radium retention 
in barite-type minerals at elevated temperatures. Appl. Geochem. 93, 190–208. https:// doi. org/ 10. 1016/j. apgeo chem. 2017. 10. 019 
(2018).

 31. Curti, E. et al. Radium uptake during barite recrystallization at 23±2°C as a function of solution composition: An experimental 
133Ba and 226Ra tracer study. Geochim. Cosmochim. Acta. 74, 3553–3570. https:// doi. org/ 10. 1016/j. gca. 2010. 03. 018 (2010).

 32. Torapava, N., Ramebäck, H., Curti, E., Lagerkvist, P. & Ekberg, C. Recrystallization of 223Ra with barium sulfate. J. Radioanal. Nucl. 
Chem. 301, 545–553. https:// doi. org/ 10. 1007/ s10967- 014- 3170-6 (2014).

 33. Heberling, F., Metz, V., Böttle, M., Curti, E. & Geckeis, H. Barite recrystallization in the presence of 226Ra and 133Ba. Geochim. 
Cosmochim. Acta. 232, 124–139. https:// doi. org/ 10. 1016/j. gca. 2018. 04. 007 (2018).

 34. Rosenberg, Y. O., Sadeh, Y., Metz, V., Pina, C. M. & Ganor, J. Nucleation and growth kinetics of RaxBa1−xSO4 solid solution in 
NaCl aqueous solutions. Geochim. Cosmochim. Acta. 125, 290–307. https:// doi. org/ 10. 1016/j. gca. 2013. 09. 041 (2014).

 35. Porru, M. & Özkan, L. Monitoring of batch industrial crystallization with growth, nucleation, and agglomeration. Part 1: Modeling 
with method of characteristics. Ind. Eng. Chem. Res. 56, 5980–5992. https:// doi. org/ 10. 1021/ acs. iecr. 7b002 40 (2017).

 36. Matyskin, A. V. et al. Disordered crystal structure and anomalously high solubility of radium carbonate. Inorg. Chem. 62, 12038–
12049. https:// doi. org/ 10. 1021/ acs. inorg chem. 3c015 13 (2023).

 37. Curie, M. Radium and the new concepts in chemistry. Nobel Lecture (1911).
 38. Doerner, H. A. & Hoskins, W. M. Co-precipitation of radium and badium sulfates 1. J. Am. Chem. Soc. 47, 662–675. https:// doi. 

org/ 10. 1021/ ja016 80a010 (1925).
 39. Hahn, O. Über die neuen Fällungs- und Adsorptionssätze und einige ihrer Ergebnisse. Die Naturwissenschaften 14, 1196–1199. 

https:// doi. org/ 10. 1007/ BF014 51768 (1926).
 40. Goldschmidt, B. Etude du fractionement part cristallisation mixte a laide des radioelements. Ann. Chim. (Paris) 13, 88–173 (1940).
 41. Jones, M. J. et al. Reactions of radium and barium with the surfaces of carbonate minerals. Appl. Geochemistry 26, 1231–1238. 

https:// doi. org/ 10. 1016/j. apgeo chem. 2011. 04. 012 (2011).
 42. Soulaine, C., Maes, J. & Roman, S. Computational Microfluidics for Geosciences. Front. water 3, 643714. https:// doi. org/ 10. 3389/ 

frwa. 2021. 643714 (2021).
 43. Prasianakis, N. I. et al. Neural network based process coupling and parameter upscaling in reactive transport simulations. Geochim. 

Cosmochim. Acta. 291, 126–143. https:// doi. org/ 10. 1016/j. gca. 2020. 07. 019 (2020).
 44. Deng, H., Fitts, J. P., Tappero, R. V., Kim, J. J. & Peters, C. A. Acid erosion of carbonate fractures and accessibility of arsenic-bearing 

minerals: In operando synchrotron-based microfluidic experiment. Environ. Sci. Technol. 54, 12502–12510. https:// doi. org/ 10. 
1021/ acs. est. 0c037 36 (2020).

 45. Poonoosamy, J. et al. Microfluidic flow-through reactor and 3D Raman imaging for in situ assessment of mineral reactivity in 
porous and fractured porous media. Lab Chip. 20, 2562–2571. https:// doi. org/ 10. 1039/ D0LC0 0360C (2020).

 46. Poonoosamy, J. et al. A lab on a chip experiment for upscaling diffusivity of evolving porous media. Energies 15, 2160. https:// doi. 
org/ 10. 3390/ en150 62160 (2022).

 47. Poonoosamy, J. et al. The use of microfluidic platforms with Raman spectroscopy for investigating the co-precipitation of metals 
and radionuclides in carbonates. Minerals 13, 636. https:// doi. org/ 10. 3390/ min13 050636 (2023).

 48. Whittaker, M. L. et al. Structural basis for metastability in amorphous calcium barium carbonate (ACBC). Adv. Funct. Mater 28, 
1704202. https:// doi. org/ 10. 1002/ adfm. 20170 4202 (2018).

 49. Cavanaugh, J., Whittaker, M. L. & Joester, D. Crystallization kinetics of amorphous calcium carbonate in confinement. Chem. Sci. 
10, 5039–5043. https:// doi. org/ 10. 1039/ C8SC0 5634J (2019).

 50. Whittaker, M. L., Sun, W., Duggins, D. O., Ceder, G. & Joester, D. Dynamic barriers to crystallization of calcium barium carbon-
ates. Cryst. Growth Des. 21, 4556–4563. https:// doi. org/ 10. 1021/ acs. cgd. 1c004 33 (2021).

 51. Yashina, A., Meldrum, F. & Demello, A. Calcium carbonate polymorph control using droplet-based microfluidics. Biomicrofluidics 
6, 22001–2200110. https:// doi. org/ 10. 1063/1. 36831 62 (2012).

 52. Zhang, Z. et al. Investigating the nucleation kinetics of calcium carbonate using a zero-water-loss microfluidic chip. Cryst. Growth 
Des. 20, 2787–2795. https:// doi. org/ 10. 1021/ acs. cgd. 0c001 91 (2020).

 53. Poonoosamy, J. et al. A microfluidic experiment and pore scale modelling diagnostics for assessing mineral precipitation and 
dissolution in confined spaces. Chem. Geol. 528, 119264. https:// doi. org/ 10. 1016/j. chemg eo. 2019. 07. 039 (2019).

 54. Yoon, H., Chojnicki, K. N. & Martinez, M. J. Pore-scale analysis of calcium carbonate precipitation and dissolution kinetics in a 
microfluidic device. Environ. Sci. Technol. 53, 14233–14242. https:// doi. org/ 10. 1021/ acs. est. 9b016 34 (2019).

 55. Rembert, F., Stolz, A., Soulaine, C. & Roman, S. A microfluidic chip for geoelectrical monitoring of critical zone processes. Lab 
Chip. 23, 3433–3442. https:// doi. org/ 10. 1039/ D3LC0 0377A (2023).

 56. Xu, J. & Balhoff, M. T. Emergence of power-law particle size distribution in microfluidic calcium carbonate precipitation: An 
extended yule process with a ripening effect. Phys. Rev. Lett. 131, 034001. https:// doi. org/ 10. 1103/ PhysR evLett. 131. 034001 (2023).

 57. Pascali, G., Watts, P. & Salvadori, P. A. Microfluidics in radiopharmaceutical chemistry. Nuclear Med. Biol. 40, 776–787. https:// 
doi. org/ 10. 1016/j. nucme dbio. 2013. 04. 004 (2013).

 58. Lisova, K. et al. Economical droplet-based microfluidic production of [18F]FET and [18F]Florbetaben suitable for human use. 
Sci. Rep. 11, 20636. https:// doi. org/ 10. 1038/ s41598- 021- 99111-4 (2021).

 59. Elkawad, H. et al. Recent advances in microfluidic devices for the radiosynthesis of PET-imaging probes. Chem Asian J 17, 
e202200579. https:// doi. org/ 10. 1002/ asia. 20220 0579 (2022).

 60. Vital, M., Daval, D., Morvan, G., Martinez, D. E. & Heap, M. J. Barite growth rates as a function of crystallographic orientation, 
temperature, and solution saturation state. Cryst. Growth Des. 20, 3663–3672. https:// doi. org/ 10. 1021/ acs. cgd. 9b015 06 (2020).

 61. Bosbach, D. in Water-rock interactions, ore deposits, and environmental geochemistry: A tribute to David A. Crerar Vol. 7 (ed Roland; 
Wood Hellmann, Scott A.) 97–110 (Geochemical Society special publication, 2002).

 62. Godinho, J. R. A. & Stack, A. G. Growth kinetics and morphology of barite crystals derived from face-specific growth rates. Cryst. 
Growth Des. 15, 2064–2071. https:// doi. org/ 10. 1021/ cg501 507p (2015).

 63. COMSOL Multiphysics® v. 6 (COMSOL AB, Stockholm, Sweden).
 64. Kulik, D. A. et al. GEM-Selektor geochemical modeling package: revised algorithm and GEMS3K numerical kernel for coupled 

simulation codes. Comput. Geosci. 17, 1–24. https:// doi. org/ 10. 1007/ s10596- 012- 9310-6 (2013).
 65. Whitesides, G. M. The origins and the future of microfluidics. Nature 442, 368–373. https:// doi. org/ 10. 1038/ natur e05058 (2006).
 66. Prieto, M., Putnis, A. & Fernandez-Diaz, L. Crystallization of solid solutions from aqueous solutions in a porous medium: Zoning 

in (Ba, Sr)SO4. Geol Mag 130, 289–299. https:// doi. org/ 10. 1017/ S0016 75680 00199 81 (1993).
 67. Onshape, onshape.com
 68. Lee, J.-S., Wang, H.-R., Iizuka, Y. & Yu, S.-C. Crystal structure and Raman spectral studies of  BaSO4—PbSO4 solid solution. 

Zeitschrift für Kristallographie—Cryst. Mater. 220, 1–9. https:// doi. org/ 10. 1524/ zkri. 220.1. 1. 58891 (2005).

https://doi.org/10.1016/0016-7037(85)90264-9
https://doi.org/10.1016/0016-7037(85)90264-9
https://doi.org/10.1016/j.gca.2013.08.028
https://doi.org/10.1016/j.apgeochem.2017.11.009
https://doi.org/10.1016/j.apgeochem.2017.10.019
https://doi.org/10.1016/j.gca.2010.03.018
https://doi.org/10.1007/s10967-014-3170-6
https://doi.org/10.1016/j.gca.2018.04.007
https://doi.org/10.1016/j.gca.2013.09.041
https://doi.org/10.1021/acs.iecr.7b00240
https://doi.org/10.1021/acs.inorgchem.3c01513
https://doi.org/10.1021/ja01680a010
https://doi.org/10.1021/ja01680a010
https://doi.org/10.1007/BF01451768
https://doi.org/10.1016/j.apgeochem.2011.04.012
https://doi.org/10.3389/frwa.2021.643714
https://doi.org/10.3389/frwa.2021.643714
https://doi.org/10.1016/j.gca.2020.07.019
https://doi.org/10.1021/acs.est.0c03736
https://doi.org/10.1021/acs.est.0c03736
https://doi.org/10.1039/D0LC00360C
https://doi.org/10.3390/en15062160
https://doi.org/10.3390/en15062160
https://doi.org/10.3390/min13050636
https://doi.org/10.1002/adfm.201704202
https://doi.org/10.1039/C8SC05634J
https://doi.org/10.1021/acs.cgd.1c00433
https://doi.org/10.1063/1.3683162
https://doi.org/10.1021/acs.cgd.0c00191
https://doi.org/10.1016/j.chemgeo.2019.07.039
https://doi.org/10.1021/acs.est.9b01634
https://doi.org/10.1039/D3LC00377A
https://doi.org/10.1103/PhysRevLett.131.034001
https://doi.org/10.1016/j.nucmedbio.2013.04.004
https://doi.org/10.1016/j.nucmedbio.2013.04.004
https://doi.org/10.1038/s41598-021-99111-4
https://doi.org/10.1002/asia.202200579
https://doi.org/10.1021/acs.cgd.9b01506
https://doi.org/10.1021/cg501507p
https://doi.org/10.1007/s10596-012-9310-6
https://doi.org/10.1038/nature05058
https://doi.org/10.1017/S0016756800019981
https://doi.org/10.1524/zkri.220.1.1.58891


12

Vol:.(1234567890)

Scientific Reports |         (2024) 14:9502  | https://doi.org/10.1038/s41598-024-59888-6

www.nature.com/scientificreports/

 69. Haggerty-Dawson, M. trimesh, https:// trime sh. org/ (2024).
 70. Hedström, H., Ramebäck, H. & Ekberg, C. A study of the Arrhenius behavior of the co-precipitation of radium, barium and 

strontium sulfate. J. Radioanal. Nucl. Chem. 298, 847–852. https:// doi. org/ 10. 1007/ s10967- 013- 2431-0 (2013).
 71. Poonoosamy, J. et al. Microfluidic investigation of pore-size dependency of barite nucleation. Commun. Chem 6, 250. https:// doi. 

org/ 10. 1038/ s42004- 023- 01049-3 (2023).
 72. Everall, N. J. (New Orleans, Louisiana, 2008).
 73. Giannozzi, P. et al. QUANTUM ESPRESSO: A modular and open-source software project for quantum simulations of materials. 

J. Condens. Matter Phys. 21, 395502. https:// doi. org/ 10. 1088/ 0953- 8984/ 21/ 39/ 395502 (2009).
 74. Perdew, J. P. et al. Restoring the density-gradient expansion for exchange in solids and surfaces. Phys. Rev. Lett. 100, 136406. https:// 

doi. org/ 10. 1103/ PhysR evLett. 100. 136406 (2008).
 75. Monkhorst, H. J. & Pack, J. D. Special points for Brillouin-zone integrations. Phys. Rev. B 13, 5188–5192. https:// doi. org/ 10. 1103/ 

PhysR evB. 13. 5188 (1976).
 76. Contributors. https:// opencv. org/ (2024).
 77. McKinney, W. Data structures for statistical computing in Python. (2010).
 78. Hunter, J. D. Matplotlib: A 2D graphics environment. Comput Sci Eng 9, 90–95. https:// doi. org/ 10. 1109/ MCSE. 2007. 55 (2007).
 79. Kornprobst, P., Tumblin, J. & Durand, F. Bilateral filtering: Theory and applications. Found. Trends Comput. Graph. Vis. 4, 1–74. 

https:// doi. org/ 10. 1561/ 06000 00020 (2009).
 80. Tomasi, C. & Manduchi, R. in Sixth International Conference on Computer Vision (IEEE Cat. No.98CH36271). 839–846.
 81. Roy, P. et al. in 2014 International Conference on Control, Instrumentation, Communication and Computational Technologies 

(ICCICCT). 1182–1186.
 82. Sezgin, M. & Sankur, B. Survey over image thresholding techniques and quantitative performance evaluation. J Electron Imaging 

13, 146–168. https:// doi. org/ 10. 1117/1. 16313 15 (2004).
 83. Sakshi & Kukreja, V. in 2022 International Conference on Decision Aid Sciences and Applications (DASA). 305–310.
 84. Goldschmidt, V. Atlas der Krystallformen. (C. Winters, 1920).
 85. Lönartz, M. I., Yang, Y., Deissmann, G., Bosbach, D. & Poonoosamy, J. Capturing the dynamic processes of porosity clogging. Wat. 

Res. Res. 59, e2023WR034722. https:// doi. org/ 10. 1029/ 2023W R0347 22 (2023).

Acknowledgements
The main research leading to these results has received funding from the European Research Council through 
the project GENIES (ERC, grant agreement 101040341) and the Helmholtz AI projects for funding the  T6 project 
(ZT-1-PF-5-084). The DFT calculations were performed using JARA-CSD partition through computing time 
awarded to project cjiek61. The authors also acknowledge Mandukhai Ritman (Gymnasium Haus Overbach 
student) for testing the flow/mixing of dyes in microfluidic devices enabling the authors to improve the final 
microfluidic design to be used in the presented experiments and Kyllian Bures (master student) for drawing the 
different crystal habits of barite using Onshape. Prof Giuseppe Modolo, Dr Martina Klinkenberg and Ralf Koenig 
are thanked for help and guidance with respect to the handling of radium. Dr Guido Deissmann is thanked for 
revising the manuscript and Stefan Rudin for discussion.

Author contributions
J.P. designed the experiments, processed the results, and wrote the first draft of the manuscript. J.P. and A.K. 
conducted the experiments. A.O. developed the computer vision pipeline code and wrote a section about it. 
O.C. and P.K. conducted the DFT calculations and wrote a section about it. D.B. provided radium solutions and 
associated facilities to conduct this study. J.P., A.O., C.S. and P.K. re-edited and revised the manuscript.

Funding
Open Access funding enabled and organized by Projekt DEAL.

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at https:// doi. org/ 
10. 1038/ s41598- 024- 59888-6.

Correspondence and requests for materials should be addressed to J.P.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access  This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http:// creat iveco mmons. org/ licen ses/ by/4. 0/.

© The Author(s) 2024

https://trimesh.org/
https://doi.org/10.1007/s10967-013-2431-0
https://doi.org/10.1038/s42004-023-01049-3
https://doi.org/10.1038/s42004-023-01049-3
https://doi.org/10.1088/0953-8984/21/39/395502
https://doi.org/10.1103/PhysRevLett.100.136406
https://doi.org/10.1103/PhysRevLett.100.136406
https://doi.org/10.1103/PhysRevB.13.5188
https://doi.org/10.1103/PhysRevB.13.5188
https://opencv.org/
https://doi.org/10.1109/MCSE.2007.55
https://doi.org/10.1561/0600000020
https://doi.org/10.1117/1.1631315
https://doi.org/10.1029/2023WR034722
https://doi.org/10.1038/s41598-024-59888-6
https://doi.org/10.1038/s41598-024-59888-6
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	A radiochemical lab-on-a-chip paired with computer vision to unlock the crystallization kinetics of (Ba,Ra)SO4
	Results and discussion
	Evaluation of the solution chemistry and stoichiometric saturation function
	Crystallization of (Ba,Ra)SO4 solid solutions
	Determination of solid solution composition
	Computer vision pipeline for the determination of the crystal growth rate
	Determination of the kinetic constant for Ba0.5Ra0.5SO4

	Conclusion
	Experimentalmethods
	Chemicals used
	Experimental setup
	Transport in microfluidic mixer
	Raman measurements
	DFT calculation
	Computer vison pipeline

	References
	Acknowledgements


